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Abstract
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Over the past four decades, declining real interest rates have been a driving force behind the rise

in asset prices, especially for long-duration assets such as equities and long-term bonds (Binsber-

gen, 2021). Because these assets are disproportionately held by the wealthy, the resulting capital

gains have contributed to the surge in wealth inequality (Greenwald et al., 2023). Still, the dis-

tributional consequences of falling interest rates must be interpreted with caution. When future

rates of return are lower, the same level of wealth can fund less consumption over the life cycle. In

order to finance $100 of consumption at age 70, a 35-year-old must set aside $71 at a 1% return,

compared to only $36 at a 3% return. Hence, falling interest rates only benefit households if their

capital gains outweigh the slower rate of future wealth accumulation.

Overall, the net distributional effect of falling interest rates depends on whether households

hold portfolios with the appropriate duration, such that their capital gains can offset changes in

future rates of return. The appropriate portfolio depends on multiple factors, including one’s age,

wealth, and future labor income and retirement benefits. To take all these factors into account, we

build and calibrate a life-cycle model with stochastic interest rates in which households can choose

the interest-rate sensitivity of their wealth by investing in assets of different maturities.

Our analysis delivers two sets of findings. First, the model’s predictions for individually op-

timal interest-rate sensitivity align with key stylized facts about households’ portfolios in the US

Survey of Consumer Finances. As in the data, the optimal interest-rate sensitivity of wealth is

hump-shaped over the life cycle and increasing in both wealth and earnings. Second, the model

implies that declines (increases) in real interest rates generate large and persistent rises (falls) in

wealth concentration. Overall, the model accounts for roughly two-thirds of the decline in wealth

inequality between the 1960s and the mid-1980s and its subsequent rise. However, the impact on

welfare—as measured by lifetime utility—is much more even across households, highlighting the

important role that Social Security has played in insuring households against falling interest rates.

Our first contribution is to develop a realistic portfolio choice model with stochastic real interest

rates to understand how investors should think about the interest-rate sensitivity of their balance

sheet. We then compare the predictions of the model to the data to evaluate how close households

get to this benchmark in practice.

We find that the individually optimal interest-rate sensitivity of wealth is highest for middle-
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aged, high-income, and high-wealth households. These patterns reflect the interaction of several

forces. Without labor income or Social Security, younger households would prefer portfolios with

high interest-rate sensitivity because of their long investment horizons. Introducing labor income

changes this prediction: for young workers, human capital acts like an implicit long-term bond,

pushing them toward investing their wealth in short-term assets. As workers age, human capital

shortens in duration and the sign of its substitution effect flips, inducing households to invest more

in long-term assets. This effect fades as retirement approaches and the value of human capital

converges to zero. Together, these forces generate a hump-shaped relationship between age and

the optimal interest-rate sensitivity of wealth. Social Security adds another layer: because benefits

behave like very long-term annuities, they reduce the need for households to hold long-duration

assets. Since these benefits represent a smaller share of lifetime resources for high earners, this

substitution effect is weaker at the top of the distribution, producing a positive relationship between

wealth and the optimal interest-rate sensitivity.

Empirically, US household portfolios align closely with these predictions, suggesting that

households approximately follow optimal rules. This alignment raises the question of how house-

hold financial behaviors replicate these portfolio rules in practice. To fully eliminate interest-rate

risk, households should invest in assets with cashflows of different maturities so that, together with

expected future earnings and benefits, these payments would match the timing of their desired con-

sumption plan. If held to maturity, these assets would finance a predetermined consumption path

regardless of interest-rate fluctuations, because each cashflow would arrive exactly when needed.

In practice, households engage in a mix of voluntary and mandatory arrangements that mimic

aspects of this abstract portfolio rule.

At the lower end of the earnings distribution, workers save primarily through contributions to

Social Security, whose rate of return is unaffected by interest rates. Payroll taxes and benefits

redistribute labor earnings over the life cycle to match the timing of a smoothed consumption plan,

so these households do not need to actively invest in long-term assets to hedge against interest-rate

changes—Social Security already provides that protection. For lower middle-income households,

Social Security covers most, but not all, of retirement consumption. These households typically

supplement it with private savings, most often by buying a house with a fixed-rate mortgage. This

arrangement exchanges future housing services for a fixed stream of payments, locking in the

3



cost of residential consumption. It protects households against both interest-rate risk as well as

aggregate house-price risks. Social Security then finances most of their other retirement spending.

Higher earners, who receive the lowest replacement rates from Social Security, rely more heavily

on private retirement savings, often in stock-based accounts. Because stock values tend to rise

when interest rates fall, these assets help sustain retirement consumption when rates of return fall.

Our second contribution is to study what individually optimal portfolio rules imply for trends

in wealth inequality and their interpretation. As Moll (2021) notes, interpreting these trends is

difficult because the welfare implications of capital gains from discount-rate shocks are ambiguous.

They depend on whether households fully hedge their interest-rate exposure (Auclert, 2019).

We show that, given the historical path of interest rates, optimal portfolio rules generate large

fluctuations in wealth concentration. These fluctuations account for roughly two-thirds of the de-

cline in wealth inequality between 1960 and 1985 and its subsequent increase. Moreover, because

wealthy households invest a larger share of wealth in stocks, rising stock prices—net of what

would be predicted by the stock market’s interest-rate exposure—further amplified these trends.

On the other hand, because middle-class families invest a greater fraction of their wealth in hous-

ing, changes in national house prices had an opposing (but small) effect on wealth inequality.

These trends look markedly different under broader wealth concepts, a prediction that echoes

the empirical finding that trends in inequality strongly depend on the inclusion or exclusion of

accrued Social Security benefits (Catherine et al., 2025). In our model, heterogeneity in portfolios

(and thus in wealth returns) is largely driven by substitution effects from off-balance-sheet assets.

Therefore, once Social Security and human capital are included in wealth, much of this hetero-

geneity disappears. We document that this prediction of our model is consistent with the data:

including Social Security in our measure of wealth evens out the interest-rate sensitivity of wealth

across the earnings and wealth distributions.

An implication of this insight is that trends in wealth inequality induced by interest-rate fluc-

tuations must be interpreted with caution. Indeed, our model generates large changes in the con-

centration of wealth—roughly two-thirds of historical variations since 1960—without any increase

in within-cohort welfare inequality. This follows from the optimal portfolio decision: households

target the interest-rate sensitivity of their wealth to offset the implicit exposure of their background
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assets, so that, ex post, their lifetime consumption is similarly exposed to interest-rate shocks.

On the other hand, changes in the interest-rate environment can affect cohorts differently for

two reasons. First, because households are not infinitely risk-averse, they do not fully hedge

interest-rate risk. Consequently, falling interest rates lower the lifetime consumption of younger

households disproportionately more than their parents. Second, households cannot hedge against

the level of interest rates when they enter the labor force. As such, we estimate that the baby

boomers, who entered the labor force in 1970 before most of the rise in asset prices, saw about

10% more lifetime consumption due to the level of interest rates.

Social Security plays a central role in our analysis because it provides a powerful hedge against

declines in real interest rates for lower- and middle-class workers. At the same time, Social Secu-

rity faces a well-known long-run funding shortfall, which could be addressed by reducing benefits

or raising the retirement age.1 Using the model, we show that an unanticipated, permanent benefit

reduction carries a higher welfare cost in a low-rate economy because it strips away the retirement

resources households rely on precisely when their other assets are bound to deliver lower returns.2

Related literature Our paper bridges the literatures on portfolio choice and wealth inequality.

First, we contribute to the study of households’ portfolio choices. Following the seminal work

of Samuelson (1969) and Merton (1969), this literature has focused on the allocation of wealth be-

tween different asset classes, and in particular the choice of investing in the stock-market portfolio

or a short-term riskfree bond. More recent studies have expanded this class of models to incorpo-

rate real-estate investment (Cocco, 2005). Our paper builds on these studies to underline the role

of another risk factor: the interest-rate sensitivity of household balance sheets.

A growing empirical literature underscores the importance of household exposure to interest

rates over long horizons. Greenwald et al. (2023) document that wealthy households invest more

in long-term assets, so their capital gains are larger when rates fall, which can explain much of the

rise in wealth inequality since the mid 1980s. Binsbergen (2021) shows that, between 1986 and

2021, a portfolio of 25-year US Treasuries earned annualized returns comparable to the S&P 500.

Catherine et al. (2025) further document that trends in wealth inequality are largely offset by the

1Raising the retirement age is often economically close to a benefit cut, since households can typically claim earlier
or later already, but only by accepting actuarial adjustments (bonus/malus) that change lifetime benefits.

2Another relevant policy is capital gains taxation under stochastic discount rates; see Aguiar et al. (2025).
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inclusion of accrued Social Security benefits, which increased in value as interest rates declined.

Our contribution is to derive optimal portfolio rules rather than take them from the data, as

in Greenwald et al. (2023). We build on the intuition of Campbell and Viceira (2001) that in-

vestors can hedge interest-rate risk with long-term bonds,3 to study how mortality, human capital,

and Social Security generate heterogeneity in the optimal hedging demand. Low-earnings and

low-wealth households optimally hold portfolios with low interest-rate sensitivity because they are

already implicitly invested in a long-duration asset—their future Social Security benefits. Empiri-

cally, we show that once Social Security is included, the relationship between wealth and duration

documented by Greenwald et al. (2023) largely disappears, as predicted by the model. This mech-

anism also explains why market-based wealth inequality closely tracks interest rates, yet remains

flat when accrued Social Security benefits are included, as documented by Catherine et al. (2025).

Overall, our framework unifies empirical evidence on cross-sectional portfolio differences and

trends in wealth inequality across alternative wealth concepts.

Our findings complement existing work analyzing the welfare implications of interest-rate-

driven redistribution. Gomez and Gouin-Bonenfant (2024) show that lower rates increase wealth

inequality through entrepreneurship, because raising equity is cheaper and the valuation of pri-

vate business is higher. Fagereng et al. (2025) develop a sufficient-statistics approach to measure

how historical changes in asset prices redistributed welfare using transaction data. Auclert (2019)

studies the implications of unhedged interest-rate exposure for monetary policy transmission. Like

Auclert (2019), we emphasize that the interest-rate exposure of wealth inclusive of non-financial

income is the welfare-relevant measure. Our life-cycle approach provides a benchmark for evalu-

ating the extent to which the interest-rate exposure of wealth is individually optimal.

In endogenizing portfolio choices, we explain an important driver of portfolio-return hetero-

geneity. The importance of this work is highlighted by Moll (2021), who argues that explaining

the portfolio choices that generate heterogeneous returns is essential. Benhabib et al. (2019), Bach

et al. (2020), and Hubmer et al. (2021) have empirically documented that the higher returns of the

wealthy are crucial for explaining wealth inequality and its evolution. We provide an explanation

for a large part of this heterogeneity: wealthier households should invest more in long-term assets

in order to be equally hedged against interest-rate risk.

3Campbell and Viceira (2001) study the case of an infinitely lived agent without background assets.
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Recent work by Fagereng et al. (2021) shows that capital gains explain most of the rise in

wealth inequality because the rich “save by holding” instead of selling assets to consume. This

behavior is consistent with interest-rate hedging. As an extreme example, if households hold

a perfectly interest-rate-hedged portfolio to maturity, then they will be able to afford the same

consumption plan regardless of discount-rate-induced changes in asset prices. As Cochrane (2022)

puts it, a family should not pay attention to these fluctuations if it intends to live off of the coupons.

Finally, this paper builds on recent studies that have focused on the ways in which progres-

sive government programs attenuate wealth inequality (Catherine et al., 2025), income inequality

(Auten and Splinter, 2024), and their passthrough to lifetime consumption (Auerbach et al., 2023).

Our paper shows that including transfer income in wealth yields a measure that is more relevant for

the cross-sections of both portfolios and welfare. In particular, we show how the interplay between

public programs like Social Security and optimal portfolio choices can generate diverging trends

in wealth and consumption inequality. Our mechanism helps explain Meyer and Sullivan (2023)’s

finding that, over the past five decades, the rise in overall consumption inequality was small.

1 Data and measurement

This section describes our data sources and the methodology we adopt to measure the interest-rate

sensitivity of wealth. We provide more details about the data in Appendix B.

1.1 Definitions

Interest-rate sensitivity of an asset Consider an asset with current price Pt and future cashflows

{Dt+k}∞k=1. Let rft denote the log real interest rate. We define the interest-rate sensitivity of the

asset as the change in the asset’s price in response to a decline in the interest rate, holding future

cashflows and risk premia fixed:

εr(Pt) ≡ −∂ logPt

∂rft
. (1)

Appendix A gives a formal definition, along with an explanation of how this concept relates to an

asset’s duration, which is defined as the value-weighted timing of its cashflows.
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Interest-rate sensitivity of wealth The interest-rate sensitivity of wealth of household i is the

value-weighted sum of each component elasticity:

εr(Wi) =
∑
j

Aji

Wi

× εr(Aji), (2)

where Aji denotes the value of the asset or debt j, εr(Aji) its interest-rate elasticity, and Wi the

household’s net worth.

1.2 Main data sources

Survey of Consumer Finances To measure the interest-rate sensitivity of assets on households’

balance sheets, our primary data source is the triennial Survey of Consumer Finances (SCF), from

which we use all survey years from 1989 to 2019. We use three main series: (i) detailed information

on household assets and liabilities, (ii) interest rate and maturity data for household liabilities, and

(iii) income data for household assets, which we use to compute valuation ratios.

Interest-rate sensitivity estimates We supplement the SCF with data on Social Security wealth

and its interest-rate sensitivity from Catherine et al. (2025), duration estimates from Greenwald et

al. (2023) and Bloomberg, and the real yield curve, computed by subtracting inflation projections

from the SSA annual reports from the nominal yield curve.

Yield curves Historical data on the nominal yield curves are obtained from the Federal Reserve

System.4 The zero-coupon yield curve is estimated using off-the-run Treasury coupon securities

for horizons up to 30 years.

1.3 Interest-rate process

Parametric assumptions The interest-rate sensitivity of assets depends on how shocks to current

interest rates will affect future interest rates. We assume that log interest rates follow a first-order

autoregression:

rf,t+1 = (1− φ)r̄f + φrft + σrϵr,t+1, (3)

4https://www.federalreserve.gov/data/nominal-yield-curve.htm

8

https://www.federalreserve.gov/data/nominal-yield-curve.htm


where ϵr is a standard normal shock. When interest rates follow an AR(1) process, the interest-rate

sensitivity of a zero-coupon bond paying off 1 in k years is

ε̂r(Pkt) =
1− φk

1− φ
. (4)

Here, the bond’s maturity k is also its duration. The interest-rate sensitivity is increasing in the

duration; they are identical (ε̂r(Pkt) → k) if interest-rate shocks are permanent (φ → 1).

Calibration Since our focus is on obtaining realistic asset-price levels and capital gains for rate-

sensitive assets, we calibrate the stationary mean, persistence, and volatility to match moments of

the real yield curve. Over our sample period of 1989–2019, we target (i) the slope from a linear

regression of the 30-year real forward rate (f30) on the current one-year real yield, (ii) the average

30-year real forward rate, and (iii) the unconditional volatility of the one-year real yield. These

three moments provide an exactly identified system that defines each parameter in terms of data

moments. Table 1 reports the data moments, their relationship to model parameters, and implied

parameter estimates.

Table 1: Parameter values and moments for the riskfree rate process

Moment conditions Parameter estimates
Data moment Model equivalent Data value Parameter Value

cov(f30,t, rft)/var(rft) φ30 0.2569 φ 0.9557

f̄30,t r̄f 0.0193 r̄f 0.0193

var(rft) σ2
r/(1− φ2) 0.0167 σr 0.0049

1.4 Empirical estimates in the SCF

We obtain the rate sensitivity of households’ wealth in three steps. First, we estimate cashflow

duration for each asset and liability on households’ balance sheets. Second, we apply equation (4)

to this cashflow duration, taking the rate sensitivity of the asset to be the same as the rate sensitivity

of a riskfree zero-coupon bond with the same duration. Third, we take a value-weighted sum of
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the assets’ rate sensitivities to arrive at the overall portfolio rate sensitivity of each household.5

Although we use similar cash-flow duration estimates for equities as Greenwald et al. (2023),

our mapping from duration to interest-rate sensitivity is more conservative. We allow for mean

reversion in the short rate (φ < 1), so a rate shock does not fully pass through to expected future

rates. This attenuates the implied interest-rate sensitivity of long-term assets, implying smaller

interest-rate sensitivity gaps across assets than under a near-permanent-rate-change benchmark.

Table 2 presents the averages of our interest-rate sensitivity and duration estimates by asset

group and for wealth for households in the SCF. The average balance sheet interest-rate sensitivity

suggests that interest-rate risk generates substantial volatility in returns to wealth.

Table 2: Average duration and portfolio share by asset group

IR Sensitivity Duration Portfolio share
equal-weighted wealth-weighted

Assets
Private Business 14.14 21.73 0.03 0.16
Equity 20.31 50.76 0.12 0.23
Real Estate 9.78 12.53 0.41 0.36
Fixed Income 3.26 3.44 0.10 0.14
Vehicles 3.17 3.34 0.19 0.03
Cash and Deposits 0.25 0.25 0.14 0.07

Liabilities
Mortgage Debt 7.34 8.68 0.52 0.83
Other Debt 2.59 2.69 0.48 0.17

Networth
Value-weighted 12.28 17.33
Equal-weighted 8.38 10.24

Note: This table reports the average interest-rate sensitivity, duration, and portfolio share of each asset group for
households in the SCF. Interest-rate sensitivity is calculated from asset duration as in equation (4). To calculate
average duration for each asset group, we take the duration estimate for each household’s holdings in the group and
then average them across households, weighting each household’s contribution by its SCF sample weight and the
value of its holding in the asset group. To obtain the equal-weighted portfolio shares, we take the share of each asset
group within a household’s portfolio and then average the shares across households using SCF sample weights. We
repeat this process for the wealth-weighted portfolio shares, but in this case we weight each household by both its SCF
sample weight and its networth.

To obtain these estimates, we adopt a variety of methods to compute the cashflow durations of

assets and liabilities. We only provide an overview of our methodology in this section; we offer

more information about our construction of all of the different components in Appendix B.2.
5We formally derive the second and third steps in Appendix A.
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Equity, real estate, liquid assets, and fixed income For all equity, real estate, and liquid assets, we

apply the annual group-wide duration estimates provided by Greenwald et al. (2023). For fixed-

income assets, we collect annual average duration estimates from Bloomberg for government debt,

municipal bonds, mortgage-backed securities, foreign bonds, and corporate bonds and apply them

to each asset within the fixed-income group accordingly.

Private business wealth Private business wealth duration varies across entrepreneurs and is esti-

mated from price-dividend ratios inferred from the SCF.6 In particular, we assume

dur(Private Businessct) =

( ∑
t,i∈c Bus. Valueit∑

t,i∈c Bus. Incomeit

)
︸ ︷︷ ︸

Wealth-group-specific valuation multiple

×
( ∑

i Bus. Incomeit∑
i(Bus. Incomeit − Wagesit)

)
︸ ︷︷ ︸

Business-income-to-dividend conversion ratio

(5)

where i denotes individual households and c denotes groups in the wealth distribution. We do

this because valuation ratios are higher at the top of the earnings distribution, since wealthy en-

trepreneurs tend to run different types of businesses (Schoar, 2010). The first term is the ratio of

business value to income for each wealth group, which can be computed directly in the SCF. The

second term converts this valuation multiple into a price-dividend ratio. This is because business

income includes both dividends and wages paid to the entrepreneur. Wages to business owners

are not always reported in the SCF; therefore, we estimate them using information on households’

level of education and age. Since this estimation procedure entails some noise, we assume all

private businesses have a common conversion ratio across wealth groups and over time. For more

information on this, see Appendix B.2.4.

Vehicles To determine the duration of vehicles, we compute the time left on a vehicle’s life using

the age of the vehicle provided in the SCF and an estimate of its maximum lifetime. We then

assume a constant depreciation rate to determine its cashflow duration.

6We use the price-dividend ratio here because it is equal to the duration when discount rates and cashflow growth
are constant (Binsbergen, 2021; Gordon and Shapiro, 1956). That is, for constant cashflow growth rate g, riskfree rate
rf , and risk premium µ, the price-dividend ratio is Pt/Dt =

∫∞
0
e−(rf+µ−g)ndn = 1/(rf + µ− g) and the duration

is
∫∞
0

e−(rf+µ)nDt+n
Pt

ndn = 1/(rf + µ− g).
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Defined benefit pensions Defined benefit (DB) pension entitlements are not directly reported in

the SCF at the asset level, so we impute them using total DB pension assets from the Distri-

butional Financial Accounts and individual characteristics in the SCF. We allocate DB pension

wealth across households based on (i) DB plan participation, (ii) predicted accrual rates, and (iii)

income. The funded portion of these entitlements is then split across equity, fixed income, and

cash deposits based on Flow of Funds pension fund asset allocations (Table L.117), and added to

the corresponding asset categories in the household balance sheet. They then receive the wealth-

weighted average duration of that category. For more information on how this is constructed please

see Appendix B.2.6.

Liabilities For each household’s liabilities in the SCF, we assume a fixed repayment schedule and

estimate duration as

dur(Debtt) =
N∑

n=1

(
Pnt∑N

n′=1 Pn′t

)
n, (6)

where N is the number of years remaining on the loan given in the SCF and Pnt is the price of

an n-year zero-coupon bond. The number of years remaining on the loan is either given explicitly

in the SCF or can be inferred from the interest rate and loan balance outstanding. The exception

to this is adjustable rate mortgages, for which we assign a maximum duration of 4—the average

number of years in the data until they begin to float.

For student loans, we adjust the debt payments to account for income-driven repayment pro-

grams as in Catherine and Yannelis (2021). To do this, we compute the present value of expected

income-driven repayment payments over a 25-year horizon, where the annual payment equals 10%

of income above a threshold tied to the Social Security wage index. This present value replaces

the raw SCF balance in our net worth measure.

2 Stylized facts

We begin by documenting five stylized facts about the directly observable side of households’

interest-rate exposure: the interest-rate sensitivity of wealth εr(W ). Although it only paints a par-

tial picture of households’ exposures to interest rates, the distribution of εr(W ) is informative about

households’ portfolio allocation decisions. These facts will later guide our structural analysis.
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Fact 1: Interest-rate sensitivity is hump-shaped over the life cycle The first stylized fact is that

the rate sensitivity of wealth is hump-shaped over the life cycle: it is lowest for 20-year-olds, rises

to a high for 40- to 45-year-olds, and steadily declines thereafter. Figure 1 decomposes this pattern,

showing the relative contribution of each asset to the total portfolio rate sensitivity. The difference

in portfolio interest-rate sensitivities at each age is determined by the assets households choose

to hold. For example, 20- to 25-year-old households have relatively low interest-rate sensitivities

because the majority of their wealth (70.4%) is invested in liquid accounts (e.g., checking and

savings accounts) and vehicles.

Figure 1: Interest-rate sensitivity of wealth by age

A. First earnings tercile B. Second earnings tercile C. Third earnings tercile

0
5

10
15

20 40 60 80
Age

Liquid assets and fixed income
+Vehicles
+Home equity
+Home leverage effect
+Equity and private business
+Other debt = wealth

0
5

10
15
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Age

0
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10
15

20 40 60 80
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Note: This figure reports the interest-rate sensitivity of wealth by age and tercile of earnings. The rate sensitivity
is decomposed into the contribution of six components of wealth. From bottom to top, we calculate the sensitivity
of partial portfolios, adding components step-by-step. First, we report the interest-rate sensitivity of liquid assets
and fixed-income assets. We then report the rate sensitivity of a larger portfolio that also includes vehicles, and
so forth. Thus, the interest-rate sensitivity of the partial portfolio inclusive of the first k components of wealth is
ε̂r(Portfoliok) =

Portfoliok−1

Portfoliok
ε̂r(Portfoliok−1) +

Componentk
Portfoliok

ε̂r(Componentk).

As households approach midlife, the composition of assets changes and the interest-rate sen-

sitivities of their portfolios grow. The majority of their portfolio (48.7% for 40-year-olds) is now

made up of longer-term assets like equity and real estate. Moreover, leverage—in particular, mort-

gages and other debts—plays a more important role, increasing the rate sensitivity of the wealth

portfolio by nearly 20%. The reason leverage increases the rate exposure of the household’s port-

folio is because the (equal-weighted) average rate sensitivity of assets is approximately 40% higher
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than that of debts over our sample.

As midlife turns to retirement, the rate sensitivity of wealth begins to fall. The decline in

rate exposure is driven not by the asset side of the portfolio, but rather by the disappearance of

leverage, which reduces the interest-rate sensitivity of the wealth portfolio. This is consistent with

the conventional narrative in saving for retirement: households with a large stock of human capital

take on mortgages in early adulthood to guarantee housing consumption flows in old age.

Fact 2: Interest-rate sensitivity is increasing in earnings The second stylized fact is that high-

earning households hold more rate-sensitive portfolios. Comparing the three panels of Figure 1

shows that, for a 1% decline in interest rates, those in the top earnings tercile will see approximately

4 percentage points larger capital gains than those in the bottom earnings tercile. High earners

investing more in equity explain most of this difference.

Fact 3: Interest-rate sensitivity is increasing in wealth The third stylized fact is that interest-rate

sensitivity is generally increasing in wealth. This fact is shown in Figure 2, which decomposes the

average rate sensitivity for households between ages 40 and 45 over the log of their wealth scaled

by the Social Security Wage Index in their survey year.
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Figure 2: Interest-rate sensitivity of wealth at ages 40–45 by level of wealth
0

5
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15

-2 -1 0 1 2 3 4 5
Log Wealth/Wage Index

Liquid assets and fixed income
+Vehicles
+Home equity
+Home leverage effect
+Equity and private business
+Other debt = wealth

Note: This figure decomposes the interest-rate sensitivity for households in which the head of the household is between
40 and 45. The methodology is the same as in Figure 1, except that here the x-axis is the log of wealth scaled by the
Social Security Wage Index in the survey year.

For low-wealth households, liquid accounts, vehicles, and non-mortgage debt contribute the

most to the interest-rate sensitivity of their portfolios. For middle-wealth households, real estate

becomes the dominant asset, with its rate sensitivity amplified by the mortgage taken on to finance

the purchase. The large, indivisible nature of a house leads lower-middle-wealth homebuyers to

take out large mortgages and expose themselves to interest-rate fluctuations, which is reflected in

the small bump in rate sensitivity near the lower-middle portion of the wealth distribution. As

wealth increases, portfolio rate exposures increase with larger positions in highly rate-sensitive

assets like publicly traded equity and private businesses.

Fact 4: Wealth inequality follows interest rates Our fourth stylized fact is that, as documented

by Greenwald et al. (2023), the wealth share of the top 10% has tracked the price of real bonds over

the past six decades. Figure 3 replicates their finding, approximating real bond prices by one minus

the estimated 10-year forward rate and measuring wealth inequality using estimates from Smith

et al. (2023) (Panel A) and Piketty et al. (2018) (Panel B). While this historical correlation does

not, by itself, imply that interest-rate fluctuations account for most changes in wealth inequality,
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it suggests that the mechanisms illustrated in Figures 1 and 2 can plausibly explain an important

share of these long-run trends.

Figure 3: Wealth inequality and estimated 10-year real forward rates

A. Smith, Zidar, and Zwick (2023) B. Piketty, Saez, and Zucman (2018)
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Note: This figure presents the time series of the top 10% wealth share from Smith et al. (2023) in Panel A and Piketty
et al. (2018) in Panel B against 1− f̂10,t, one minus our estimated 10-year real forward rate from equation (D.1).

Fact 5: Social Security offsets differences in rate sensitivity Finally, we extend our definition of

wealth to include the net present value of Social Security payments—that is, of expected benefits

minus expected payroll taxes to be paid into the system. Figure 4 displays the fifth stylized fact:

the inclusion of Social Security wealth strongly attenuates the relationships between interest-rate

exposure and wealth (Panel A) and earnings (Panel B).
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Figure 4: Interest-rate sensitivity of wealth at ages 40–45: Role of Social Security

A. Wealth B. Earnings
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Note: This figure decomposes the interest-rate sensitivity for households in which the head of the household is between
40 and 45. The methodology is the same as in Figure 1, except that here the x-axis is the log of wealth scaled by the
Social Security Wage Index in the survey year in Panel A and scaled earnings in Panel B. Estimates for the net present
value of Social Security at the individual level come from the risk-adjusted valuation of Catherine et al. (2025).

3 Model

We model household consumption and investment decisions over a life cycle divided into two

stages: working age and retirement. We first describe the economic environment and then define

households’ consumption-saving problems, including market frictions.

3.1 Interest rates and economic growth

Interest rates and economic growth vary together over time. We thus model them as cointegrated

stochastic processes. As in our empirics, we assume that the log riskfree rate, rft = logRft,

follows a first-order autoregression,

rf,t+1 = (1− φ)r̄f + φrft + σrϵr,t+1.

To capture the cointegrating relationship between rates and growth, we assume that the log growth

rate of aggregate income (defined below) is the sum of an autoregressive process and a loading on
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the riskfree rate:7

gt+1 = g1,t+1 + λgrrf,t+1, (7)

where

g1,t+1 = (1− φg)ḡ + φgg1t + ϵg,t+1. (8)

To capture business-cycle dynamics, we assume that systematic shocks to growth follow a normal

mixture distribution,

ϵg,t+1 =

 ϵ−g,t+1 ∼ N
(
µ−
g , σ

2
g1

)
with probability pR,

ϵ+g,t+1 ∼ N
(
µ+
g , σ

2
g1

)
with probability 1− pR,

(9)

where µ+
g > µ−

g , so pR is the probability of a recession. The shocks ϵr,t+1 and ϵg,t+1 are indepen-

dent.

3.2 Asset returns

Households can invest their wealth in long-term bonds, stocks, and housing. We continue to denote

log returns by lowercase r = logR.

Long-term bonds The long-term bond is a riskless claim to one unit of real consumption in n

periods. Its price, denoted Pnt, satisfies the expectations hypothesis, generalized to include con-

stant term premia. Specifically, we assume that the term premium on each n-period bond is some

constant µn (with µ1 = 0). As we show in Appendix C.1, these assumptions imply an explicit

relation between the dynamics of long-term bond returns and short-term rate fluctuations: the log

bond return equals

rn,t+1 = rft + µn − σnϵr,t+1, (10)

where the sensitivity to rate shocks σn is given by

σn =
1− φn−1

1− φ
σr. (11)

7In an asset pricing model, one would typically think of interest rates as depending on growth, not the other way
around. Econometrically, though, these are equivalent representations and therefore without loss of generality.
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In addition, we set µn = −σ2
n/2, so that there is no risk premium.8

Recall that the interest-rate sensitivity of the bond (or any asset) is the percentage change in the

price caused by an unexpected decline in the interest rate, which equals

εr(Pnt) ≡ −∂ logPnt

∂rft
=

1− φn

1− φ
. (12)

This sensitivity is increasing in maturity n. This expression summarizes the effect of unexpected

changes in interest rates: if the riskfree rate unexpectedly falls, then the long-term bond has an

unexpectedly high return from capital gains next period. The longer is the maturity n, and the

higher is the persistence φ of the rate shock, the larger is this response.

Stock market The stock market is a claim to public firms’ cashflows. Appendix C.2 shows that,

if cashflows are cointegrated with aggregate income, the stock’s log return can be written

rs,t+1 = rft − λsrϵr,t+1 + λsgϵg,t+1 + ϵs,t+1, (13)

where the market-specific shock is

ϵs,t+1 =

 ϵ−s,t+1 ∼ N (µ−
s , σ

2
s) if ϵg,t+1 = ϵ−g,t+1,

ϵ+s,t+1 ∼ N (µ+
s , σ

2
s) if ϵg,t+1 = ϵ+g,t+1.

(14)

The market-specific shocks depend on the realization of a recession (ϵg,t+1 = ϵ−g,t+1), capturing

kurtosis and heteroskedasticity in returns, specifically the fact that the stock market is more likely

to fall in recessions (µ−
s < µ+

s ). The loading λsr summarizes the net effect of interest-rate shocks

on returns. On the one hand, a fall in rates will increase the value of the market, because it is

a long-duration asset; but on the other hand, if growth and interest rates are positively correlated

(λgr > 0), then this will also tend to come with bad news about cashflows.9 We will find that the

8This is not inconsistent with an upward-sloping term structure for nominal bonds, as nominal bonds have a risk
premium due to inflation risk. In contrast, the term premium on inflation-indexed bonds (TIPS) is likely close to zero:
Ang et al. (2008) find that nearly all the slope of the nominal term structure is explained by inflation risk, whereas the
real term structure is on average flat. Indeed, many leading asset pricing models predict a flat or downward-sloping
real term structure (Bansal and Yaron, 2004; Wachter, 2013). As such, this assumption accords well with prior work.

9This implies the imperfect passthrough of interest rates to equities emphasized by Gormsen and Lazarus (2025).
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former dominates, so λsr > 0.

Housing The price of one unit of housing, denoted Pit, is the product of a regional (i.e., sys-

tematic) component Pt and a house-specific (i.e., idiosyncratic) component P̃it.10 The regional

component can be decomposed as

Pt = PhtPnht, (15)

where Pnht is the price of an nh-period bond, matching the interest-rate sensitivity (and duration)

of housing; and where

log
Ph,t+1

Pht

= µh + σhϵh,t+1, (16)

captures the drift of house prices over time, with ϵh,t+1 standard normal. The idiosyncratic compo-

nent P̃it evolves as a random walk with Gaussian innovations σ̃hϵ̃hi,t+1.

For an owner-occupier, the return on a house is then11

rhi,t+1 = rft + µnh
− σnh

ϵr,t+1︸ ︷︷ ︸
rnh,t+1

+µh + σhϵh,t+1︸ ︷︷ ︸
∆logPh,t+1

+ σ̃hϵ̃hi,t+1︸ ︷︷ ︸
∆log P̃i,t+1

, (17)

which includes both the return on the long-term bond component and the sum of the regional and

idiosyncratic price appreciation.

3.3 Labor income

We model labor-income dynamics using the empirically realistic process estimated by Catherine

(2022) from the data of Guvenen et al. (2022). Each household i earns labor income Lit, which

is the product of the aggregate wage index L̄t and an idiosyncratic component L̃it. The aggregate

wage grows at the rate

log
L̄t+1

L̄t

= gt+1, (18)

defined in (7). The idiosyncratic component equals

L̃it = exp {ℓ(ait) + zit + ηit} . (19)

10Piazzesi et al. (2007) show that about half of the volatility of housing returns in the data is idiosyncratic.
11In Appendix C.3, we derive this return and discuss how it accounts for maintenance and transaction costs.
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The deterministic component ℓ(ait) is a polynomial of age ait; it captures the common life-cycle

profile of income. The persistent component of earnings, denoted by zit, follows a first-order

autoregression

zit = ρzi,t−1 + ζit, (20)

with innovations ζit drawn from a mixture of normal distributions

ζit =

 ζ−it ∼ N (µ−
zt, σ

−
z
2
) with probability pz,

ζ+it ∼ N (µ+
zt, σ

+
z
2
) with probability 1− pz.

(21)

Idiosyncratic labor-income growth tends to be negatively skewed, so the state ζit = ζ−it is rare

(pz < 0.5) and tends to be negative. This skewness is also cyclical (more negative in recessions),

so the mean outcome co-moves with aggregate income growth12

µ−
zt = µ̄−

z + λzggt, (22)

with λzg > 0. This rare state is also more volatile (σ−
z ≫ σ+

z ), meaning that extreme income

events become more likely. The initial cross-sectional distribution of the persistent component of

earnings is drawn from zi0 ∼ N (0, σ2
z0).

The transitory component of idiosyncratic earnings ηit is also drawn from a mixture of normal

distributions, with outcomes contingent on the permanent-income shock:

ηit ∼

N (µ−
η , σ

−
η
2
) if ζit = ζ−it ,

N (µ+
η , σ

+
η
2
) if ζit = ζ+it .

(23)

Large transitory shocks generally coincide with large persistent shocks (σ−
η ≫ σ+

η ).

3.4 Social Security and income taxes

Social Security Agents pay Social Security payroll taxes T SS
it on their labor income during work-

ing life, then receive benefits Bit in retirement. We assume all workers retire at the full-retirement

12The mean of the other state, µ+
zt, is then such that average shocks to zit are zero: 0 = pzµ

−
zt + (1− pz)µ

+
zt.
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age atret , the age at which they receive 100% of their scheduled benefits. The tax payments are

10.6% of all income below the Social Security wage base, which is 2.5 times the average wage:

T SS
it = 0.106min{Lit, 2.5L̄t}. (24)

Social Security retirement benefits depend on the agent’s average indexed yearly earnings (AIYE),

which is an average of their indexed earnings. The indexed earnings of worker i for year t is:

Lindexed
it = min{Lit, 2.5L̄t}

L̄t60

L̄t

(25)

up to retirement, where L̄t60 is the wage index when the worker was 60. In words, indexed earnings

are the income below the wage base at a given age, adjusted for growth in the aggregate wage index

L̄t up to age 60. Income earned after age 60 but before retirement at tret can still contribute to the

worker’s AIYE, but it is indexed to t60. Total benefits are then a piecewise-linear function of the

AIYE when the worker retires:

Bit =


0.9AIYEitret if AIYEitret < b1t,

0.9b1t + 0.32(AIYEitret − b1t) if b1t ≤ AIYEitret < b2t,

0.9b1t + 0.32(b2t − b1t) + 0.15(AIYEitret − b2t) if b2t ≤ AIYEitret .

(26)

The kinks in this benefit formula are determined by the “bend points” b1t and b2t, which historically

are about 21% and 125% of the wage index, respectively. The formula is progressive: as AIYE

(lifetime income) increases, the marginal benefit declines. Note that AIYE is itself bounded above

due to the wage base, so benefits have an upper bound. Benefits after the retirement year are held

constant in real terms—that is, they are adjusted in nominal terms to account for CPI inflation.

Before retirement, we keep track of average indexed earnings as:

AIYEit =
1

t− t0 + 1

t∑
s=t0

min{Lis, 2.5L̄s}
L̄t

L̄s

=
L̄t

t− t0 + 1

t∑
s=t0

min{L̃is, 2.5}. (27)

Safety net Working-age households can receive SNAP benefits (“food stamps”) if their income

falls sufficiently low. Under SNAP, households receive a transfer equal to 6% of the wage index
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minus 30% of their pre-tax earnings, if this difference is positive.

Retirees with sufficiently low Social Security benefits receive Supplemental Security Income

(SSI). SSI ensures total retirement income is at least 20% of the average wage, subject to a house-

hold’s wealth remaining below 5% of the average wage.

Income tax Households pay taxes on income and benefits according to the income tax brackets

faced by US households in 2020, adjusted for changes in the aggregate wage.13 Marginal tax rates

are progressively increasing in idiosyncratic income L̃i; we report the formula in Appendix D.3.

3.5 Households

Objective and preferences Household i chooses goods consumption Cit, housing consumption

Hit, and portfolio shares πit = {πn,it, πs,it, πh,it} to maximize lifetime utility

Vit = max
{Cis,His,πis}

Et

tmax∑
s=t

βs−tpit,s−1 [(1−mi,s−1)u(Cis, His) +mi,s−1bs(Wis)] , (28)

where β is the rate of time preference, tmax corresponds to the maximum lifespan, mit is the age-

and income-dependent mortality probability from t to t + 1, and pit,s =
∏s−1

u=t(1 − miu) is the

probability of surviving from t to s.

The household’s flow utility is given by

u(Cit, Hit) =
(C1−ν

it Hν
it)

1−γ

1− γ
. (29)

The parameter ν governs the preference for housing relative to goods; γ is both the coefficient of

relative risk aversion and the inverse of the elasticity of intertemporal substitution.

Households also bequeath to their children an inheritance from their terminal financial wealth.

In modeling utility over bequests, one must consider the fact that inheritance does not necessarily

constitute a one-time transfer of liquid wealth; it might instead be a long-lived flow of consumption.

Fluctuating interest rates therefore affect the value of bequests by changing the price at which

future consumption can be purchased by the bequeathed wealth. Hence, we model the bequest

13Households also receive a standard deduction of $13,850 in 2020 dollars scaled with the aggregate wage.
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motive as the expected utility from distributing the household’s terminal wealth Wit over the next

b̄ years. In particular, the bequest utility is

bt(Wit) = b(L̄t, Pht,Wit, rft, g1t) = max
{Cis,His,πis}

Et

t+b̄∑
s=t

βs−tu(Cis, His) (30)

subject to the budget constraints (below) and assuming that no labor income or Social Security

benefits are earned over this period.

Budget constraints and frictions Households cannot short-sell stocks or housing, so portfolio

shares must be non-negative. If the household decides to invest a positive amount in the stock

market, then it must pay both a 1% management fee and a fixed, per-period participation cost of

Φs,it =

 csL̄t if πs,it > 0,

0 otherwise.
(31)

Households also cannot borrow to invest in the stock market, meaning the equity share πs,it ≤ 1.

The household must also decide whether to rent or own a house. If the household chooses to

rent (πh,it = 0), then the rental price per unit of housing equals

Xt =

χPht if πh,it = 0 (renter),

0 if πh,it > 0 (homeowner),
(32)

for rent-to-price ratio χ. A renter does not have any collateral with which to borrow, and therefore

must have Wit ≥ 0. If instead the household chooses to own (πh,it > 0), then, as in Cocco (2005),

the size of the house must exceed a minimum size, given by

PtHit ≥ κminL̄t. (33)

Homeowners are also constrained to buy a house that is not too large:

PtHit ≤ κmaxWit (34)
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This constraint is equivalent to a downpayment requirement: the household must have enough

wealth Wit to cover a fraction 1/κmax of the house’s value. Homeowners pay proportionate prop-

erty taxes. Finally, homeowners can use their housing and equity as collateral for a mortgage. That

is, if their investments in housing and equity exceed their networth, πh,it+πs,it > 1, then they must

finance this with a mortgage that charges interest RMit = eθitRft at a premium θit > 0, which is

an increasing function of the leverage ratio πs,it + πh,it.

Putting these constraints together, the utility maximization (28) is solved subject to the dynamic

budget constraint

Wi,t+1 = (Wit + Lit +Bit − Tit − Cit −XtHit − Φs,it)RWi,t+1, (35)

where the return on savings equals

RWi,t+1 = Rft + πn,it(Rn,t+1 −Rft) + πs,it(Rs,t+1 −Rft)

+ πh,it(Rh,t+1 −Rft)− (πh,it + πs,it − 1)+(RMit −Rft) (36)

for (πh,it + πs,it − 1)+ ≡ max(πh,it + πs,it − 1, 0).

3.6 Entrepreneurs

Some households own and manage a private business instead of working in the labor market. In

particular, with some probability pE(ait), a worker of age ait will start a private business and

operate it through working life. If this occurs, then the entrepreneur will no longer earn labor

income according to (19); rather, he or she will earn idiosyncratic business income according to

L̃it = exp {ℓE(ait) + zit} , (37)

which is the sum of a polynomial of age ℓE(ait) and a random walk

zi,t+1 = zit + σEzϵz,t+1. (38)

At the beginning of the life cycle, the initial value of zit is drawn from N (0, σ2
Ez0).
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The entrepreneur operates the business until retirement or death—whichever is first—at which

point the business is sold on the market and liquidated into market wealth at a value Eit. In

Appendix C.4, we show that the value of the business can be expressed as

Eit = Lit exp

{
υ +

1

1− κE(υ)φg

(g1t − ḡ1)−
1− λgr

1− κE(υ)φ
(rft − r̄f )

}
, (39)

where υ is the mean log valuation ratio (a function of mean discount rates and cashflow growth)

and κE(υ) ≡ 1/(1 + exp{−υ}). All business valuation ratios fluctuate over time with predictable

variation in interest rates rft and growth g1t. Note that the value (39) also corresponds to the market

value of the business at any time before retirement.14

4 Economic intuition

To communicate the key intuitions of our model, we present an analytical solution to a linearized

version with no income risk or bequests, which we derive in Appendix G. We proceed in three

steps. First, we discuss consumption and portfolio rules for an agent without human capital or

Social Security, trading in only a long- and a short-term bond. Second, we show that the same

portfolio rule applies to total wealth in the presence of background assets such as human capital

and Social Security. And third, we explain why these results continue to hold even when we

introduce other tradable assets (e.g. equity, real estate) and risk factors (e.g., growth, house prices).

4.1 Optimal choices without labor income

Consumption rule Without labor income, the linearized model implies the optimal consumption

policy
C∗

it

Wit

= (1− β(1−mit))︸ ︷︷ ︸
time discounting

× exp

{(
1− 1

γ

)
(ϱ0t + ϱrtrft)

}
︸ ︷︷ ︸

income and substitution effects

. (40)

The first term represents the positive effect of impatience and mortality on consumption. The

second term represents the net of income and substitution effects from interest rates. Higher rates

14In our data, business owners are asked to report estimates of the value of their businesses if they were to sell them,
so these values indeed represent estimates of public market values.
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mean higher interest income, so that households can consume more today (the income effect). At

the same time, higher rates mean agents get more consumption tomorrow in exchange for their

savings (the substitution effect). The income effect dominates the substitution effect when the

elasticity of intertemporal substitution (the EIS, 1/γ) is less than one (γ > 1). The sensitivity of

consumption to interest rates depends on the coefficient15

ϱrt =
∞∑
j=1

φj−1βjpit,t+j, (41)

where pit,t+j is the survival probability from year t to t+ j. The coefficient ϱrt is declining in age

because agents with shorter horizons are less affected by persistent rate changes.

Portfolio rule The optimal allocation to the n-period bond is:16

π∗
it =

1

γ

µn +
1
2
σ2
n

σ2
n︸ ︷︷ ︸

myopic demand

+

(
1− 1

γ

)
ϱr,t+1

(
1− φn−1

1− φ

)−1

︸ ︷︷ ︸
interest-rate risk hedging demand

. (42)

The first term represents the traditional risk-return tradeoff of Merton (1969). Our assumption of

µn = −σ2
n/2 sets this term to zero. The second term is the demand from intertemporal hedging

of interest-rate fluctuations, the focus of our paper. Because the long-term bond’s value increases

when rates unexpectedly decline, it offers protection against the deterioration of investment oppor-

tunities. This portfolio rule implies that the optimal interest-rate sensitivity of wealth equals17

ε∗r(Wi,t+1) = π∗
it

σn

σr

=
1

γ

µn +
1
2
σ2
n

σnσr

+

(
1− 1

γ

)
ϱr,t+1. (43)

Note that this optimal sensitivity is independent of the long-term bond maturity n. This illustrates

the fact that households can mix any combination of short- and long-term assets to target their

optimal total exposure to interest-rate risk.

The sensitivity of consumption to rate shocks ϱrt declines with the investor’s horizon, so the

15We omit the subscript on ϱrit to simplify notation and to emphasize that it is homogeneous within a cohort.
16As we verify in Appendix G.2, (42) holds even if we separate the coefficient of relative risk aversion from the

elasticity of intertemporal substitution. Thus, the portfolio share is indeed governed by risk aversion, not the EIS.
17Notice that the agent targets the interest-rate sensitivity of next period’s wealth, Wi,t+1, because that is what will

respond to the interest-rate shock ϵr,t+1 next period. This distinction disappears as the time interval becomes small.
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hedging demand decreases in age toward zero. From equation (41), we see that ϱrt represents the

cumulative effect of an interest-rate shock over time, weighted by the importance of each future

period in the agent’s lifetime utility, taking into account mortality and impatience. In other words,

it results from the interplay between the agent’s horizon and the persistence of interest-rate shocks.

Agents with shorter horizons are less sensitive to future rate changes; therefore, for γ > 1, the

optimal interest-rate sensitivity of wealth declines over the life cycle.

Interestingly, for a risk-neutral agent (γ = 0), the hedging demand is infinitely negative. A risk-

neutral agent would like to move as much wealth as possible to the high-rate states of the world, in

order to enjoy the higher compounding. This is accomplished by short-selling the long-term bond,

which depreciates when rates rise, generating capital gains. Such an investor chooses infinite

expected consumption (with infinite volatility). At the other extreme of infinite risk aversion (γ =

∞), the agent buys long-term bonds in order to be perfectly hedged against the deterioration of

investment opportunities. Such an investor chooses zero consumption volatility at the cost of lower

expected consumption. We discuss this case at length below. In the log-utility case (γ = 1), these

two forces perfectly offset and the portfolio rule is reduced to the myopic demand.

4.2 Substitution effects of labor income and Social Security

Now let us consider the effect of labor income and Social Security. Suppose that labor income Lit,

taxes Tit, and benefits Bit are deterministic. The value of human capital, Hit, is the present value

of future earnings discounted using the prevailing yield curve. Social Security wealth, Sit, is the

present value of future benefits net of future payroll taxes. Define total wealth W it = Wit+Hit+Sit

as the sum of wealth and these present values of background assets.

Implementing the same linearization implies that the consumption rule relative to total wealth

is the same as in the no-income solution: Ci/W i equals the right-hand side of equation (40).

Similarly, the optimal allocation to bonds out of total wealth is π̄i = π∗
i from equation (42). The

optimal allocation out of wealth Wi therefore takes the form

πit = π∗
it − (πH

it − π∗
it)

Hit

Wit︸ ︷︷ ︸
human capital

substitution effect

− (πS
it − π∗

it)
Sit

Wit︸ ︷︷ ︸
Social Security

substitution effect

, (44)
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or, in terms of interest-rate sensitivities,

εr(Wi,t+1) = ε∗r,it − (εr(Hi,t+1)− ε∗r,it)
Hit

Wit

− (εr(Si,t+1)− ε∗r,it)
Sit

Wit

, (45)

such that the interest-rate sensitivity of total wealth εr(W i,t+1) remains equal to ε∗r,it.

The endowments of human capital and Social Security wealth are implicit holdings of long-

term assets, and thus substitute for the traded n-period bond. The values πH
i and πS

i represent the

implicit percentage of each asset invested in the n-period bond. The agent adjusts the allocation

out of wealth πi such that the duration of total wealth matches π∗
i . If, for instance, agents are

endowed with a large stock of high-duration Social Security (i.e., πS
i and Si are large), they adjust

their allocations to long-term bonds πi downward to offset this high interest-rate exposure.

Figure 5 illustrates the life-cycle pattern generated by this model. Early in life, most agents

have little financial wealth and a large endowment of high-duration human capital. To match their

ideal total-wealth rate exposure, they mostly hold assets with low rate sensitivity. As households

get closer to retirement, they increase holdings of the long-term asset to offset short-term labor

income and taxes, net of long-term benefits. As they progress through retirement, households

reduce long-term bond holdings, in line with the declining target allocation implied by the policies

above. In sum, substitution and aging effects explain the hump-shaped pattern in the data.
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Figure 5: Effect of labor income and Social Security on long-term asset share
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Note: This figure shows a representative path of total wealth components, their interest-rate sensitivities, and their
effect on wealth allocations over the life cycle. Panel A plots the average values of each component of total wealth,
defined as the sum of wealth and the present values of labor income (human capital) and Social Security taxes and
benefits. Panel B shows the interest-rate sensitivity of each component. Panel C illustrates the incremental effect of
each component on the optimal interest-rate sensitivity. We assume γ = 5 and β = 0.95. The life-cycle profile of
wealth is approximated from the data; the present values of human capital and Social Security wealth are simulated.

In addition to these effects, the progressivity of Social Security implies that households with

lower earnings will hold less rate-sensitive portfolios. Figure 6 illustrates the economic intuition

behind this prediction. Panel A describes the case without Social Security: all households have

approximately the same savings rate, hence the wealth-income ratios and portfolio allocations

show little variation within an age group. Panel B shows the two effects of Social Security. Social

Security offers a higher replacement rate to low-earners, which means that they need to save less

for retirement, leading to a lower wealth-to-human capital ratio at a given age: the retirement

savings substitution effect. Second, because Social Security represents a greater share of their total

endowment, it reduces the demand for long-term assets of low-earners disproportionately: the

portfolio substitution effect. As Panel C shows, these effects combine to generate a steep positive

relation between wealth and rate exposure, as in the data.
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Figure 6: Substitution effects of Social Security within an age group
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Note: This figure illustrates the effect of Social Security on intra-cohort allocations to the long-term asset. Panel A
plots the optimal long-term bond share as a function of the ratio of wealth W to human capital H when there is no
Social Security. The round markers represent hypothetical wealth-to-human capital ratios W/H . Panel B shows the
same relation but in the presence of Social Security. In Panel C, we re-plot the points in Panels A and B in terms of
wealth only. Policy functions are drawn for age 42, γ = 5, and β = 0.95.

4.3 Adding other assets and sources of systematic risk

All of the above intuition generalizes to multiple risk factors and multiple assets with different

exposures to interest-rate risk. To see this, suppose that there are J risky assets and J risk factors—

for example, the long-term bond, stock market, and housing. Letting ε ∼ N (0, I) denote a J × J

vector of independent shocks, we can write the interest-rate process as

rf,t+1 = (1− φ)r̄f + φrft + σ⊤
r εt+1 (46)

and write the J-dimensional vector of risky-asset returns as

rt+1 = rftι+ µ+ Σ⊤εt+1. (47)

The only assumption we require is that these assets are non-redundant (the J × J matrix Σ is in-

vertible). Appendix G.5 shows that, under this assumption, the vector of optimal portfolio weights
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on the risky assets (in total wealth) equals

π∗
it =

1

γ
(Σ⊤Σ)−1

(
µ+

1

2
diag(Σ⊤Σ)

)
−
(
1− 1

γ

)
ϱr,t+1Σ

−1σr, (48)

which, like before, is the sum of the myopic demand and the rate-hedging demand for each asset.

If asset j is the long-term bond, then π∗
t (j) still equals (42). The vector of interest-rate sensitivities

across assets is then given by

εr = −Σ⊤σr

σ⊤
r σr

, (49)

so the interest-rate sensitivity of wealth is

ε∗r(Wi,t+1) = π∗
it
⊤εr = −1

γ

Λ⊤σr

σ⊤
r σr︸ ︷︷ ︸

risk premia

+

(
1− 1

γ

)
ϱr,t+1︸ ︷︷ ︸

hedging

, (50)

where

Λ = (Σ⊤)−1

(
µ+

1

2
diag(Σ⊤Σ)

)
(51)

is a vector of factor loadings (“Sharpe ratios”): the prices of risk for exposure to each risk factor.

If Λ⊤σr = 0, then there is no additional compensation for holding interest-rate risk, and (50) takes

the exact same value as in the two-asset model above.18

Thus, adding additional systematic risk factors has no consequence on the overall optimal

interest-rate sensitivity of wealth. This is essentially an application of the portfolio separation

theorem, which states that, no matter the specific menu of assets, households should choose the

same overall exposure to risk factors—exposure to interest-rate risk, house-price risk, etc.—which

can be formed by a set of “separating portfolios” (often called “funds” in the finance literature).

4.4 Real-life interpretation

Thus far, we have built intuition by representing the interest-rate exposure of household balance

sheets with two zero-coupon securities of different maturities. We now turn to a more concrete

explanation of how households can construct real-world portfolios that achieve an interest-rate

18There still may be risk premia on every individual asset when Λ⊤σr = 0, but these premia come from exposure to
the other J − 1 risk factors. For a long-term nominal bond, for example, this would include an inflation risk premium.
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sensitivity close to the optimal portfolio rule.

Fully hedged consumption plan In principle, agents can eliminate interest-rate risk by buying,

at current prices, a portfolio of zero-coupon bonds that matches the difference between their con-

sumption plan and their expected earnings in all periods, then holding this portfolio to maturity.

We can illustrate this intuition most clearly in the limiting case of an investor with infinite risk

aversion and a zero EIS.19 In this case, the investor’s desire to smooth consumption over states

and time yields a constant, deterministic policy Cit = C̄i. Let Yi denote the agent’s deterministic

stream of income. Wealth is the present value of the excess consumption plan:

Wit =
tmax∑
k=1

Pkt(C̄i − Yi,t+k). (52)

The agent can secure the optimal consumption plan by buying C̄i − Yi,t+k of each k-period zero-

coupon bond and consuming the coupons and income at maturity. The strategy is unaffected by

capital gains and losses from interest-rate changes. As we prove in Appendix G.6, the optimal

allocation πi replicates exactly this buy-and-hold strategy as γ → ∞.

Real-world implementation In reality, households do not hold portfolios of zero-coupon bonds.

Instead, they implement this strategy using the assets and contracts available to them. We illustrate

this mechanism with three hypothetical households, each represented in our full model.

First, consider a worker at the bottom of the earnings distribution. Because of its high replace-

ment rate, Social Security taxes and benefits execute all intertemporal transfers of income required

to smooth consumption over the life cycle, and do so independently of the rate of return on private

savings. Such a worker only needs to hold short-term assets.

Second, consider a middle-class worker. Because replacement rates fall with lifetime earnings,

the worker needs to save privately as well. However, he can execute large intertemporal transfers

at current prices by buying a house with a fixed-rate mortgage. By doing so, he effectively trades

a flow of coupon payments later in life, when C > Y , in the form of rent-free housing, in ex-

19See Appendix G.6 for a derivation and more detailed technical discussion of this case. In that appendix, we prove
that this case requires both infinite risk aversion and a zero EIS. Intuitively, in order for an agent to desire perfect
hedging, he or she must be unwilling to substitute consumption across both states (risk aversion) and time (EIS).
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change for a stream of mortgage payments earlier in life, when C < Y . This strategy eliminates

interest-rate risk for workers whose Social Security benefits cover non-residential consumption in

retirement.

Finally, consider a high-income worker. Because Social Security benefits are relatively small

in the upper half of the earnings distribution, she complements this strategy with additional invest-

ments. In the United States, this complement typically takes the form of a retirement account. If

these savings were invested in short-term assets, she would need to increase her contribution rate to

maintain the same consumption level in retirement. However, if her account were mostly invested

in long-term assets, capital gains would offset potential declines in future rates of return. As we

see in Figure 1, high earners follow the long-term asset strategy by investing their “extra” wealth

in stocks. From this point of view, the glide path strategy of pension funds also makes sense, as

it invests retirement contributions in stocks early in the life cycle and moves towards safer assets

when workers get older.

4.5 Distributional effects of interest-rate fluctuations

Because of substitution effects, the interest-rate exposure of wealth is heterogeneous and correlated

with key household characteristics, both within and between cohorts. At the same time, the model

suggests substantially less heterogeneity in optimal total rate exposure. In fact, all agents within

a given age group are identically exposed to interest-rate risk, regardless of differences in wealth,

income, or benefits. The only source of heterogeneous total rate exposure is different investment

horizons. To see this, let us consider three measures of total rate exposure: the interest-rate sensi-

tivity of total wealth, of consumption, and of lifetime utility.

As we showed above, the rate elasticity of total wealth is εr(W i,t+1) = ε∗r,it, which depends

only on risk aversion and the agent’s investment horizon ϱrt. In other words, for any two agents

with the same risk aversion and horizon, a rate shock will have an identical effect on total wealth,

even if those agents have different long-term asset shares. Likewise, the optimal consumption rule

(40) implies that the response of consumption to a rate shock εr(C
∗
it) is also homogeneous within

a cohort.

The third—and arguably most relevant—measure of total rate exposure is the interest-rate sen-

sitivity of lifetime utility. Specifically, we calculate the rate sensitivity of a transformation of
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expected utility:

Uit = ((1− γ)Vit)
1/(1−γ), (53)

where Vit is the expected utility maximand (28). This transformation backs out a total-wealth

certainty equivalent—it is the value of total wealth implied by the value function V taking a power

form. In our linearized model, lifetime utility has the closed-form solution

Uit = W it(1− β(1−mit)) exp {ϱ0t + ϱrtrft} . (54)

This expression illustrates the complementarity between total wealth and interest rates: agents have

high expected utility when they enjoy high wealth with high rates. The rate sensitivity of lifetime

utility is therefore20

εr(Uit) = −∂ logUit

∂rft︸ ︷︷ ︸
−ϱrt

+
∂ logUit

∂ logW it

ε∗r(W it)︸ ︷︷ ︸
(1−1/γ)ϱrt

= −1

γ
ϱrt. (55)

For any finite value of risk aversion, this elasticity is negative, meaning that a decline in rates is

bad news for lifetime utility, while an increase is good news. In welfare terms, this means that,

when rates fall, the deterioration of future investment opportunities outweighs the capital gains

on long-term cashflow claims. Agents are willing to accept this unhedged interest-rate exposure

because of the option value of compounding at a higher rate, as explained above.

Most notably, the amount of wealth, income, and benefits a household possesses is irrelevant

to the rate sensitivity of utility, because the household always trades in long-term asset markets to

rebalance back to this optimal exposure. Within a cohort, unexpected rate changes may redistribute

wealth, but they do not redistribute welfare.

5 Model calibration

We calibrate the model to macroeconomic time series and cross-sectional household data from

the SCF. In this section, we exclude entrepreneurs from both the model and data. We report the

20This expression remains unchanged when separating risk aversion from the EIS.
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calibration of parameters specific to entrepreneurs in Appendix D.4 and the model fit including

them in Appendix D.5.

5.1 Asset markets and aggregate growth

Table 1 reports estimates of the interest-rate process. We estimate the processes for stock re-

turns and growth jointly via simulated method of moments, with the resulting parameter estimates

presented in Table 3. In particular, we match (i) the first 4 moments of the stock-market return

distribution, (ii) the first 4 moments of the GDP-growth distribution, (iii) the correlation between

stock returns and GDP growth, (iv) the correlation between GDP growth and interest rates, and (v)

the autocorrelation of GDP growth.21

Table 3: Estimated parameters for growth and stock returns

Parameter Notation Estimate
Mean growth (expansions) µ+g 0.0265
Mean growth (recessions) µ−g −0.0340
Riskfree-rate growth loading λgr 0.1602
Growth volatility σg 0.0139
Persistence of growth shocks φg 0.1498
Recession probability pR 0.164
Stock return drift (expansions) µ+s 0.1096
Stock return drift (recessions) µ−s −0.2930
Stock volatility σs 0.0832
Stock-growth loading λsg 0

Historically, economic growth has been positively exposed to interest-rate shocks (λgr > 0),

while market returns have been negatively exposed (λsr ≈ 17).22 While we estimate the loading of

stock returns on growth λsg to be indistinguishable from zero, stock returns and aggregate growth

are still strongly correlated for two reasons. First, and most importantly, the market-specific shock

ϵs tends to be strongly negative in recessions: µ−
s <<µ+

s . Second, shocks to interest rates feed into

growth through λgr > 0, and this feeds into stock returns via λsr.

21We match the moments from the stock return distribution of the S&P 500 from 1900–2021. All other moments
are calculated using data from 1960–2021. Appendix D.1 provides additional explanation of the estimation procedure
and Table D.1 reports the closeness of fit to the moments we target.

22Recall that λsr is an endogenous outcome of interest-rate shocks to growth in (7) and the empirical interest-rate
sensitivity of stocks in Table 2. We derive this expression explicitly in Appendix C.2.
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For housing returns in equation (17), the regional house price volatility is σh = 0.08 and the

idiosyncratic volatility is σ̃h = 0.117, as implied by estimates from Flavin and Yamashita (2002)

and Piazzesi and Schneider (2016).23 For a renter, the rent-to-price ratio χ is 5.33% (Jordà et al.,

2019). Given these parameters, the drift rate is set to match the historical average housing return

(net of maintenance costs) of 6.1% estimated by Jordà et al. (2019), which implies µh = −0.0203.

5.2 Preferences

We calibrate households’ preferences to match the evolution of wealth over the life cycle and the

average equity share observed in the SCF. We find that a discount factor of β = 0.97 and a bequest

motive equivalent to b̄ = 8 years of consumption match the growth of wealth until the retirement

age and its evolution thereafter. See Panel A of Figure 7.

A coefficient of relative risk aversion of γ = 6 matches the average allocation of wealth to

stocks. Our calibration of γ is consistent with other studies matching the life-cycle profile of the

share of wealth invested in stocks, which typically use values between 5 and 6 (Benzoni et al.,

2007; Catherine, 2022; Huggett and Kaplan, 2016; Lynch and Tan, 2011; Meeuwis, 2022). Based

on portfolios in Swedish administrative data, Calvet et al. (2021) estimate an average γ of 5.2.

We set the Cobb-Douglas housing preference parameter ν = 0.25, which is close to the aggre-

gate housing expenditure share (Piazzesi and Schneider, 2016).

5.3 Other parameters

Income process We calibrate the stochastic parameters of the labor process following Catherine

(2022), but re-estimate the parameters to use the same time series of aggregate income shocks as

for the estimation of parameters in Table 3 and assuming two earners. Table 4 reports our estimates

and Appendix D.2 details the estimation procedure.

23Flavin and Yamashita (2002) report a total house-price volatility of 0.14, which implies an idiosyncratic volatility
σ̃h such that σ̃2

h + σ2
h = 0.142.
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Table 4: Estimated parameters: Idiosyncratic labor-income shocks

Persistent shocks Transitory shocks

pz ρz µ−
z λzg σ−

z σ+
z σ−

η σ+
η

.224 .993 -.026 5.219 .352 .059 .414 .124

This table reports parameter estimates for the idiosyncratic income process, conditional on the group-level aggregate
shock. The process is estimated as in Catherine (2022) by targeting the time-series of cross-sectional moments of
individual income log growth rates in the SSA administrative data from Guvenen et al. (2014).

Initial wealth Households enter working life with 0.1× the national wage index in networth, the

equivalent of $5,400 in 2019.

Frictions and constraints The maximum house size is κmax = 4 times current wealth, consistent

with a minimum down-payment requirement of 25%. The minimum house size is κmin = 2 times

the average wage, corresponding to approximately $110,000 per adult in 2019. The mortgage

premium θit is estimated by regressing mortgage premia, adjusted for the tax benefits of interest

deductibility, on leverage (assets-to-networth) ratios.24 Homeowners pay a property tax rate of

1.4% on the value of their house.

Equity investors pay a 1 percentage-point management fee and a 1.2 percentage-point capital

gains tax.25 The equity participation cost is cs = 0.05 times the average wage (roughly $270 per

year), based on estimates from Catherine (2022).

Mortality We model mortality as a function of age and past lifetime earnings:

mit = min
{
δ
(
AIYEit/L̄t

)
×mit, 1

}
, (56)

where δ(·) is an adjustment coefficient which only depends on the average indexed earnings of the

agent up to time t and mit is the average mortality rate by age, which we calibrate as the average

across genders from the 2019 Social Security actuarial life tables. While δ
(
AIYEit/L̄t

)
does not

depend on age, the agent’s life expectancy changes as he or she moves up and down the wage

24In particular, for leverage ratio πs,it + πh,it, θit ≈ 0.020 + 0.010× (πs,it + πh,it)− 0.001× (πs,it + πh,it)
2.

25This is implied by a 15% capital gains tax rate on an 8 percentage-point expected return.
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ladder. An advantage of this method is that the agent’s life expectancy is less volatile than if it

were a function of persistent income zit. We calibrate the value of δ
(
AIYEit/L̄t

)
at each point

of the numerical grid of the AIYEit/L̄t state variable such that, given our labor-income process,

we obtain the same life expectancy differential across percentiles of AIYEit/L̄t at age 40 as those

reported by percentiles of earnings in Chetty et al. (2016).

5.4 Validation

We calibrate the preference parameters {γ, β, b̄} to match life-cycle profiles of networth and port-

folio composition. Figure 7 compares model-implied allocations to their empirical counterparts.

The model reproduces the hump-shaped patterns of wealth accumulation, equity holdings, and

conditional house values, and it generates a homeownership rate that rises early in life and then

stabilizes. Households in the model transition into homeownership slightly sooner than in the data,

which mechanically leads them to build mortgage debt faster and repay it earlier. A natural ex-

planation is that the model abstracts from the richer heterogeneity in housing markets and family

dynamics that delays home purchases in practice. Earlier homeownership also implies that lever-

age rises more quickly and peaks earlier in the model; a more gradual renting-to-own transition

would flatten the life-cycle leverage profile accordingly.
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Figure 7: Wealth and portfolios over the life cycle
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Note: This figure reports wealth (Panel A), homeownership rates (Panel B), net debt (Panel C), wealth invested in
stocks (Panel D) and housing (Panel E) by age, in the model and in the data. Equity wealth, debt, and wealth are
measured in units of the national wage index. Net debt is defined as housing wealth minus wealth. Entrepreneurs are
excluded.

Figures 8 and 9 report average equity and housing holdings, respectively, by income and wealth

for households aged 40–45. The model reproduces the empirical pattern that richer and higher-

income households allocate more to both equities and housing—not only in levels, but also as

a share of wealth. A well-known challenge for life-cycle models is to rationalize the very low

stock-market participation and equity shares among young and low-income households. In our

framework, this margin is primarily driven by countercyclical labor-income risk (Catherine, 2022),

which raises the effective risk exposure of these households in downturns and dampens their in-

centives to hold equities.
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Figure 8: Equity holdings at age 40–45

A. By income level B. By wealth level
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Note: This figure reports the amount of wealth invested in stocks in the model and in the data, for households between
age 40 and 45, by level of income and wealth. Equity wealth, income, and wealth are measured in units of the national
wage index. Entrepreneurs are excluded. Appendix Figure D.6 shows the same results with entrepreneurs.

Figure 9: Housing wealth at age 40–45

A. By income level B. By wealth level
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Note: This figure reports the amount of wealth invested in housing in the model and in the data, for households
between age 40 and 45, by level of income and wealth. Housing wealth, income, and wealth are measured in units of
the national wage index. Entrepreneurs are excluded. Appendix Figure D.7 shows the same results with entrepreneurs.

6 Matching the stylized facts

Although the model is calibrated to match other dimensions of household balance sheets, our

primary interest remains the interest-rate sensitivity of wealth. We therefore now examine the

extent to which the model reproduces the stylized facts documented in Section 2.

6.1 Cross-section of interest-rate sensitivity

Panel A of Figure 10 reports the evolution of the interest-rate sensitivity of wealth over the life

cycle, in the data and in the model. In both the data and the model, the interest-rate sensitivity
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of wealth increases over the first part of working life and declines afterwards. The increase is

explained by the substitution effect of human capital and Social Security early in life, as explained

in Section 4.2. The introduction of labor income risk in the model reduces the agent’s private

valuation of human capital, which explains why the predicted hump-shaped relationship with age

is less pronounced than in Figure 5.

In the model, the interest-rate sensitivity exhibits an additional hump around age 30, which

coincides with the peak in leverage shown in Panel C of Figure 7 but is not present in the data.

As discussed in the previous section, our model abstracts from heterogeneity in housing markets

and family dynamics that, in practice, disperses the timing of homeownership. This dispersion

would smooth and shift this early-life hump to later ages, bringing the simulated profile closer to

the empirical pattern.

Figure 10: Interest-rate sensitivity in the cross-section

A. By age B. By income at age 40–45 C. By wealth at age 40–45
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Note: This figure reports the interest-rate sensitivity of wealth in the model and in the data. Panel A reports the
interest-rate sensitivity of wealth by age group. Panel B and C report it within households aged 40–45, by income and
wealth groups, respectively. Income and wealth are measured in units of the national wage index. Entrepreneurs are
excluded. Appendix Figure D.8 shows the same results with entrepreneurs.

During retirement, the decline in the agent’s investment horizon becomes the dominant force

and reduces the need to hedge against falling interest rates. As a result, the long-term asset share

falls. This decline is moderated by the bequest motive, which effectively increases the investment

horizon of the agent beyond his own life expectancy.

Panel B reports the relationship between the interest-rate sensitivity of wealth and income

between age 40–45. In the model, high earners invest more in the long-term asset because Social

Security covers a smaller share of their retirement consumption and, to a lesser extent, because
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they have higher life expectancy.

Panel C shows that the model also produces a positive relationship between the long-term asset

share and wealth within an age group. This is partly explained by the fact that wealthier households

tend to be high earners and that human capital and Social Security represent smaller fractions of

their total wealth, and thus have weaker substitution effects.

In the data, we observe a hump around the third decile of the wealth distribution, which could

reflect the need for these households to borrow to buy houses and vehicles. In the model, optimal

rate sensitivity also displays a hump around the wealth threshold at which households transition

into homeownership. At this point, the curvature of the value function with respect to wealth is

different and households find it desirable to increase the volatility of their wealth due to the option

value of becoming homeowners in the next period. This mechanism makes high-variance assets

relatively more attractive around this threshold.26

6.2 Household interest-rate exposure

We now study the rate sensitivities of two measures that are more relevant for welfare: wealth

inclusive of Social Security and expected lifetime utility. As in the linearized model, we find that

there is less heterogeneity in these measures (especially in utility), suggesting that the recent rise

in wealth inequality has not necessarily come with a rise in welfare inequality.

To calculate wealth inclusive of Social Security, we capitalize the expected benefits and taxes

into a present value. To measure welfare, we calculate the transformed expected utility U defined

in (53). Because U is a function of both wealth W and rates rf , this elasticity can be approximated,

to a first order, as

εr(U) ≈ −∂ logU

∂rf︸ ︷︷ ︸
change in investment

opportunities

+
∂ logU

∂ logW
εr(W )︸ ︷︷ ︸

capital gains

. (57)

When rates decline, expected utility decreases because investment opportunities are worse, but

also increases because of capital gains in financial wealth. If εr(U) is negative, as we find, then a

decline in interest rates decreases welfare.
26Consider a function V = max {Vrent, Vown}. Even if Vrent and Vown are both concave in W , V is locally convex

where Vown = Vrent. Panel A in Figure 4 of Catherine (2022) shows a similar effect in favor of equities over treasuries
around the homeownership threshold, meaning this effect increases the demand for higher volatility assets in general.
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Figure 11: Interest-rate sensitivities for different measures of wealth

A. By age B. By income at age 40–45 C. By wealth at age 40–45
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Note: This figure reports the interest-rate sensitivity of wealth, wealth inclusive of Social Security,
and expected utility over the life cycle. Entrepreneurs are excluded. Appendix Figure D.9 shows
the same results with entrepreneurs.

Panel A of Figure 11 shows the average paths of these sensitivities over the life cycle. Adding

Social Security wealth increases the average sensitivity for the young, consistent with the fact that

it is a very long-term asset. The interest-rate sensitivity of expected utility is much flatter over the

life cycle. With the exception of households in their twenties, rate declines reduce welfare on net,

but this negative effect attenuates gradually with age as the remaining investment horizon shortens.

Very low-wealth households, especially recent labor-market entrants in their twenties, are also less

able to attain their preferred interest-rate exposure because they cannot short long-duration assets.

Panels B and C report the distribution of these sensitivities within a middle-aged cohort, as

functions of income and wealth. First, when Social Security is taken into account, the wealth of

the rich and of high earners is no longer more sensitive to interest rates. This explains why, when

Social Security is accounted for and discounted using the market yield curve, wealth inequality has

not increased since 1989 (Catherine et al., 2025).

Panels B and C are the model’s counterparts to Figure 4. The data and the model convey

the same message: once Social Security is accounted for, rich households no longer hold more

interest-rate-sensitive assets. As in the data, the interest-rate sensitivity of wealth, inclusive of

Social Security, is around 15, though a bit higher for low-wealth households in the data.

Second, within a cohort, expected utility is uniformly elastic to interest rates across the earnings

and wealth distributions, save for a very minor effect from income-driven mortality differences.
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As equation (44) predicts, once human capital and Social Security wealth are accounted for, all

households within a cohort are equally exposed to rate fluctuations.

7 Trends in wealth inequality and welfare

So far, we have demonstrated that, under a reasonable calibration, the interest-rate risk hedging

demand for long-term assets can explain differences in the interest-rate sensitivity of wealth over

the life cycle, and across the earnings and wealth distribution. Consequently, in the model, interest-

rate fluctuations will, through our mechanism, redistribute wealth across the population without

significant implications for the distribution of lifetime consumption (welfare).

In this section, we use an overlapping-generations version of our life-cycle model to study

the historical distributions of wealth and welfare. First, we assess the extent to which interest-

rate fluctuations explain the long-run fluctuations in wealth inequality. Second, we quantify the

historical implications of these fluctuations for welfare.

7.1 Intuition: From rate shocks to inequality

Wealth of a household i evolves according to:

Wi,t+1

Wit

=

(
1− Cit − Yit

Wit

)
︸ ︷︷ ︸

savings

RWi,t+1︸ ︷︷ ︸
portfolio

, (58)

where Yit summarizes disposable income. We can decompose changes in inequality over time by

taking logs of (58) and then computing cross-sectional variances. Doing so yields the change in

wealth dispersion from one period to the next:27

varI(wi,t+1)− varI(wit) = varI(sit) + varI(rwi,t+1)

+ 2covI(wit, sit) + 2covI(wit, rwi,t+1) + 2covI(sit, rwi,t+1). (59)

27Lowercase letters denote logs; s ≡ log(1 − (C − Y )/W ) denotes the log savings rate. We abstract from entry
and exit, which keep the wealth distribution stationary on a balanced-growth path (i.e., absent aggregate shocks).
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The first two channels through which wealth inequality may increase are the direct effects of het-

erogeneous savings rates s and realized portfolio returns rw. The remaining three channels are

captured by the covariance terms. Inequality increases if (i) the wealthy tend to save more, (ii) the

wealthy experience higher returns, and (iii) households with higher savings rates experience higher

returns. Our model reveals why these covariance channels are all positive when interest rates fall.

Consider how wealth inequality within a cohort responds to a negative interest-rate shock.

First, inequality increases because Social Security induces differential savings rates: low-income,

low-wealth households with higher replacement rates will save less into financial wealth. This

savings substitution effect of Social Security results in a dispersion in savings rates (varI(sit) > 0)

and a positive wealth-savings correlation (covI(wit, sit) > 0). Second, Social Security gives rise

to changes in inequality via its impact on portfolio choices. As Figure 6 illustrates, the substitution

effects of Social Security create a positive correlation between a household’s wealth and its interest-

rate exposure. Thus, households within a cohort may experience different wealth returns, and the

direction of reallocation will depend on the direction of the interest-rate shock. All unexpected

rate changes result in heterogeneous returns (varI(rwi,t+1) > 0). A negative rate shock will result

in disproportionately high returns for the wealthy (covI(wit, rwi,t+1) > 0), increasing inequality.

Finally, since the wealthy save more, the savings-return covariance covI(sit, rwi,t+1) is also positive

given a rate decline, amplifying the increase in inequality.

The same redistribution will not, in general, occur for welfare (lifetime utility) or for broader

concepts of wealth that include human capital and Social Security.28 This is because background

assets offset interest-rate shocks; indeed, they are precisely the reason that households choose

differential savings rates and portfolios to begin with.

7.2 Overlapping-generations simulation

To quantify the role of interest-rate risk hedging on wealth inequality trends, we set up an overlapping-

generations (OLG) version of our life-cycle model. Specifically, we simulate the lives of cohorts

born since 1880, feeding in the history of macroeconomic shocks over that period.29 The time se-

28We say “in general” because this will only be precisely true insofar as households are not constrained in making
consumption and portfolio choices. We account for the presence of such constraints in our model.

29We begin feeding data shocks to growth post-World War II and house prices after 1975. This is because macroe-
conomic growth was substantially more volatile in the US prior to WWII and house price indices were not based on
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ries of interest rates is described in Appendix D.1.1; time series for growth, stocks, and house prices

are as in the model calibration. We describe the OLG simulation in more detail in Appendix F.

The only substantive assumption we must make for the OLG model is how to distribute be-

quests across generations. In the data, the size of inheritance is correlated with the income and

wealth of the recipient. To capture this, we assume that the persistent component of income zit is

correlated across generations, via its initial value, and calibrate this correlation to the persistence

documented in Chetty et al. (2014). Inheritance flows are unanticipated.

7.3 Implications for wealth inequality

We use our model to quantify the effect of each shock on the top 10% wealth share. To measure

the effect of each shock, we simulate the model multiple times, starting from a counterfactual with

no aggregate shocks and then sequentially adding one shock from the data at a time. We start

with a specification that includes data on interest rates and growth. The next specifications add

stock-market shocks, followed by national house-price shocks. The only exception is that we do

not add the growth shock to stock returns in the first specification, as to make clear the impact of

stock returns in the data on wealth inequality in the second specification.

Figure 12 plots the model-implied inequality series. We consider the model both without en-

trepreneurs (Panel A) and with entrepreneurs (Panel B). The latter case is essential for explaining

the level of top wealth shares in the data. The results of the simulation suggest that the majority

of post-war variation in top wealth shares is explained by declining interest rates. Consider Panel

A. From 1950–1985, the top 10% share declines by over 4 percentage points in the specification

where only interest-rate shocks are included. The result is nearly identical when adding data on

stock returns and house prices. Similarly, the subsequent rise in top wealth shares is nearly 3

percentage points and almost entirely driven by declining interest rates.

The specification with entrepreneurs looks quite similar, but explains a greater share of the

overall fluctuations in the top wealth shares since 1950. Here, interest-rate fluctuations implied

8.5 percentage points (pp) of the decline in top wealth shares from 1950–1985 and 3.5 pp of the

subsequent rise. Adding stocks and housing amplifies the trend slightly, with the model generating

repeated sales until 1975. Moreover, to ensure that we arrive at a stationary distribution of wealth and welfare, we
begin the simulation in 1523 with random shocks until the data begin.

47



a 10-pp decline and a 6-pp rise in top wealth shares pre- and post-1985.

How does this compare to the data? From Figure 3, we see that estimates of the top 10%

share fell by about 7–10 pp prior to 1985, then rose by about 8–10 pp thereafter. Consequently,

the interest-rate risk hedging channel explains roughly two-thirds of the long-run fluctuations in

wealth inequality over this period.

Figure 12: Evolution of the top 10% wealth share

A. Without entrepreneurs B. With entrepreneurs
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Notes: This figure shows the evolution of the top 10% wealth share in our model using historical
asset returns. Panel A reports the top 10% share excluding business owners; Panel B includes them.
The “interest-rates only” specification includes the historical time series for economic growth and
interest rates, along with shocks to interest rates ϵr. The other stochastic components of returns
{ϵg, ϵs, ϵh} are drawn at random. Relative to this specification, the “stock market returns” specifi-
cation adds historical data on the remaining shocks that affect equity returns {ϵs, ϵg}. The “house
prices” specification combines aggregate national house price shocks with idiosyncratic shocks
drawn from a random distribution. House price indices using repeated sales began in 1975, so we
begin in that year. Appendix F details how we infer the historical values of these shocks.

Most of the long-run fluctuations in wealth inequality are explained by interest-rate fluctua-

tions. After accounting for the effect of interest rates on stock and house prices, these asset classes

prove to be relatively less important for explaining inequality. This is consistent with the finding of

Greenwald et al. (2023), who conduct a similar exercise, taking portfolio choices as given from the

data, and find that the fall in real rates since the 1980s explains 75% of the rise in wealth inequality.

In our study, portfolios are endogenous, meaning that our model provides an explanation for the

effect documented in their paper.

The patterns we document would also allow us to explain a substantial fraction of the rise in
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income inequality documented in prior work (Auten and Splinter, 2024; Piketty et al., 2018). A

major proportion of rising top incomes comes from capital gains on the investments of the wealthy.

As such, the large increase in capital income from realized gains—driven by falling interest rates—

also helps explain rising income inequality over the last 4 decades.

7.4 Implications for welfare

Are the wealthy actually better off from the interest-rate-induced increase in wealth inequality?

As predicted in Section 4.5, increases in top wealth shares stemming from falling rates do not

translate into increased welfare inequality. To be precise, falling rates have no distributional effect

on welfare within cohorts and a small amount of welfare redistribution to older cohorts with shorter

investment horizons. To illustrate this point, Figure 13 reports the evolution of welfare inequality

within cohorts in the model, using the certainty equivalent measure of lifetime utility from equation

(53). Panel A reports welfare inequality in the model without entrepreneurs, and Panel B reports it

with entrepreneurs.30 As predicted by theory, welfare inequality remains largely unchanged.31 This

remains true even accounting for multiple assets, risk factors, portfolio constraints, and frictions.

30Counterintuitively, adding entrepreneurs has a much more modest effect on welfare inequality than on wealth
inequality. There are several reasons why the welfare effect is smaller. An important one is that, unlike workers,
entrepreneurs’ wealth includes the capitalized value of future earnings. Capitalizing those future earnings raises mea-
sured wealth, and thus the top wealth share, but does not increase lifetime consumption.

31If anything, welfare inequality trends go in the opposite direction. This is because, in the full model, high earners
have higher life expectancy and are therefore slightly more exposed to interest-rate risk, as predicted in equation (55).
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Figure 13: Evolution of within-cohort top 10% welfare

A. Without entrepreneurs B. With entrepreneurs
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Notes: This figure shows the evolution of the top 10% “welfare” share in our model. We take
the certainty equivalent of future utility as our measure of welfare given by equation (53). The
top 10% is computed as simulated individuals in the top 10% of the welfare distribution within an
age-year. Panel A reports the top 10% share excluding business owners; Panel B includes them.
The “interest-rates only” specification includes the historical time series for economic growth and
interest rates, along with shocks to interest rates ϵr. The other stochastic components of returns
{ϵg, ϵs, ϵh} are drawn at random. Relative to this specification, the “stock market returns” specifi-
cation adds historical data on the remaining shocks that affect equity returns {ϵs, ϵg}. The “house
prices” specification combines aggregate national house price shocks with idiosyncratic shocks
drawn from a random distribution. House price indices using repeated sales began in 1975, so we
begin in that year. Appendix F details how we infer the historical values of these shocks.

While the wealthy within a cohort may be no better off from interest-rate shocks, there is some

noteworthy variation in welfare across cohorts. This occurs as a result of market incompleteness

across generations: agents in the model cannot hedge interest-rate shocks that occur prior to their

birth. This means that, all else equal, cohorts born in low interest-rate environments have lower

lifetime utility than cohorts born in high interest-rate environments.

Figure 14 illustrates this point by showing average wealth and lifetime utility for five gener-

ations. Both values are shown relative to an average of simulations with a random time series

of interest-rate shocks, so these should be interpreted as percentage deviations from the historical

norm. Examining Panel A, it is clear that the large increase in interest rates from 1960–1985 re-

duced wealth for every generation that lived through it. However, those generations that entered

the labor force closest to the high-rate period of the 1980s (e.g., the baby boomers) had the benefit
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of saving at substantially higher rates, leading to higher lifetime wealth than those other cohorts.

Panel B, which instead looks at lifetime utility, reveals two things. First, those cohorts which

were fortunate to be born at a time of high interest rates and subsequently enjoy capital gains

did experience above-average lifetime welfare. This is, again, because agents cannot fully hedge

interest-rate shocks across generations. Second, comparing Panel B to Panel A, fluctuations in

welfare across cohorts are substantially smaller than fluctuations in wealth.

Figure 14: Cross-generation welfare inequality

A. Wealth B. Welfare
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Note: This figure reports lifetime utility for the five most recent generations in the simulation.

Lifetime utility is calculated as Ūit = Et

[
(1− γ)

∑t+amax−a
s=t+amin−a β

s−tu(Cis, His)
] 1

1−γ where u is
utility under optimal policies. This is a weighted average of realized consumption and expected
consumption over the lifecycle, without the bequest motive. After agents die in the simulation,
they are assigned their last living value of Ui for the remainder of the simulation. The specification
presented is then the average of Uit with historical interest-rate shocks and growth, divided by the
hypothetical Uit without interest-rate shocks. All other shocks are drawn randomly.

8 Implications for Social Security reform

The US Social Security trust fund is expected to run out within the decade, necessitating either

higher taxes or lower benefits (Congressional Budget Office, 2023). These funding concerns have

been amplified by rising interest rates, which increase the government’s cost of servicing its debt.

We use our model to assess the welfare implications of an unanticipated 25% reduction in promised
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benefits, the amount needed to close the funding gap. An increase in the Full Retirement Age

(FRA) would be economically similar.32

To implement this policy counterfactual in our model, we simulate multiple economies, each

with its own series of macroeconomic shocks. For each simulated household, we compute the

percentage change in welfare, defined in equation (53), under a 25% permanent reduction in Social

Security benefits, holding wealth and other state variables fixed. This is the sense in which the

reform is unanticipated: if households foresaw the cut, they would have adjusted their portfolios

and savings early in life. Then, for each economy, we bin cohorts into deciles of pre-reform

welfare, and compute the average welfare change within each decile. This allows us to measure

the distributional impact of an unexpected cut of Social Security benefits.

Figure 15 plots the average welfare loss for each welfare decile at age 62, as a function of the

interest-rate levels at the time of the benefit cut. For a given interest rate, welfare losses are largest

for households with the least total wealth, reflecting their greater reliance on Social Security to

finance retirement consumption. The main exception is the bottom decile (“D1”), for which losses

are muted because the social safety net (SSI) partially offsets the benefit reduction for sufficiently

low Social Security payments.

32Workers can generally claim their benefits earlier or later than the FRA already. However, benefits are permanently
adjusted for the claiming age: claiming before the FRA triggers an actuarial reduction in monthly benefits, while
delaying claiming beyond the FRA increases benefits through Delayed Retirement Credits (DRCs). Raising the FRA
therefore reduces benefits for a given claiming age (or, equivalently, requires delaying claiming to avoid a reduction),
making it close to a benefit cut in terms of lifetime retirement resources.
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Figure 15: Welfare effect of a 25% benefit cut at 62 years old
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Note: This figure reports the average change in welfare, defined in equation (53), of 62-year-olds in response to an
unanticipated, permanent 25% reduction in Social Security benefits. Each line represents the average within a decile
of welfare, with D1 denoting the bottom 10% of welfare and D10 the top 10%. Entrepreneurs are not included. See
the main text for more details of the simulation.

Given the essential role that Social Security plays in providing interest-rate insurance for low-

income households, we consider the incidence of the benefit cut under different levels of the real

interest rate. Across all deciles, welfare losses are larger when benefits are cut in a low-rate econ-

omy. In a low-rate environment, the value of all assets is higher, but Social Security wealth rises

disproportionately because it is a long-duration claim. As a result, Social Security wealth repre-

sents a larger share of households’ total wealth when interest rates are low. A fixed proportional

benefit cut therefore removes a larger fraction of total wealth—and of the resources used to finance

retirement consumption—precisely in low-rate states. In this sense, cutting benefits when rates are

low withdraws insurance payouts at the time when they are most valuable, implying that, holding

the size of the reform fixed, closing the funding gap is least costly when real interest rates are high.
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9 Conclusion

We study household exposure to interest-rate risk, beginning from the empirical observation that

middle-aged and richer households invest more in long-term assets that appreciate in value when

rates fall. This interest-rate sensitivity must be interpreted in light of households’ life-cycle prob-

lem, so we develop a life-cycle model that incorporates the roles that human capital and Social

Security play in households’ portfolio choices.

The data and the model produce strikingly close patterns: the optimal interest-rate sensitivity of

wealth is hump-shaped over the life cycle and, within cohorts, increases with wealth and earnings.

This is driven by the heterogeneous role that background assets play: human capital displaces the

need for long-term holdings for the young, and Social Security has the same effect for the low- and

middle-income households on which its impact is most pronounced.

A key implication of these findings is that, while interest-rate fluctuations have generated sub-

stantial fluctuations in wealth inequality, they have had a much smaller effect on welfare inequality.

This follows from our portfolio-choice findings: because households in the data are holding port-

folios that are close to optimal, their consumption is similarly exposed to interest-rate changes.

The dramatic changes in wealth inequality statistics should therefore be interpreted with care.

In comparing optimal portfolio rules with the data, we can conclude that households seem

to be targeting close-to-optimal interest-rate exposures over their life cycles. Still, we cannot

conclude from our findings that households would continue to do this if the economic environment

were to change. For example, we cannot say whether households adjust their portfolios optimally

in response to Social Security or whether Social Security is well-designed to correct investment

mistakes that would arise in its absence. Determining the direction of this causality is necessary

for evaluating long-run policy counterfactuals and is therefore an essential step for future research.
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Fagereng, Andreas, Matthieu Gomez, Émilien Gouin-Bonenfant, Martin Blomhoff Holm, Benjamin Moll, and
Gisle Natvik, “Asset-Price Redistribution,” Journal of Political Economy, 2025. Forthcoming.

Fama, Eugene F., “Stock Returns, Expected Returns, and Real Activity,” The Journal of Finance, 1990, 45 (4),

55



1089–1108.

Flavin, Marjorie and Takashi Yamashita, “Owner-Occupied Housing and the Composition of the Household Port-
folio,” American Economic Review, March 2002, 92 (1), 345–362.
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INTERNET APPENDIX

A Interest-rate sensitivity: Definitions and derivations

A.1 Interest-rate sensitivity of an asset

Consider a claim to a stream of cashflows {Dt+k : k ∈ {1, 2, . . . }}. Let Pt denote the price of the asset and

{Rt+k : k ∈ {1, 2, . . . }} its future one-period returns (i.e., Rt+k = (Pt+k +Dt+k)/Pt+k−1).

The interest-rate sensitivity of an asset is defined as the elasticity of its price with respect to the interest rate,

εr(Pt) ≡ −∂ logPt
∂rft

, (A.1)

holding fixed the distributions of future cashflows and future returns in excess of the riskfree rate.

Following this definition, let us derive an expression for interest-rate sensitivity under the assumption that interest

rates follow an AR(1). It will be easiest to do this if we divide the asset into separate claims to the cashflows at each

horizon k (the “strips”). Letting Pkt denote the price of the claim to the single cashflow Dt+k, we have

Pt =

∞∑
k=1

Pkt. (A.2)

The interest-rate sensitivity of the asset is then the value-weighted average of the sensitivities of each strip:

εr(Pt) =

∞∑
k=1

Pkt
Pt

εr(Pkt). (A.3)

To derive these elasticities, note that, from the definition of a return,

Pkt =
Pk−1,t+1

Rk,t+1
=

(
k∏

k′=1

R−1
k′,t+1+k−k′

)
Dt+k. (A.4)

Thus, defining the excess return r̂k′,t+k ≡ log(Rk′,t+k/Rf,t+k−1) and taking logs then expectations,

logPkt = −
k∑

k′=1

(Et[rf,t+k−k′ ] + Et[r̂k′,t+1+k−k′ ]) + Et[logDt+k]. (A.5)

Now, using the fact that

Et[rf,t+k] = r̄f + φk(rft − r̄f ), (A.6)
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we have that

εr(Pkt) = −∂ logPkt
∂rft

= −
k∑

k′=1

(
φk−k

′
+
∂Et[r̂k′,t+1+k−k′ ]

∂rft

)
+
∂Et[logDt+k]

∂rft
=

1− φk

1− φ
. (A.7)

The last equality follows from the assumption that expected excess returns and cashflow growth are held constant, so

∂Et[r̂t+k′ ]/∂rft = ∂Et[Dt+k]/∂rft = 0. Substituting this into the expression above, we then have that the asset’s

interest-rate sensitivity is

εr(Pt) =

∞∑
k=1

Pkt
Pt

1− φk

1− φ
. (A.8)

A.2 Relating interest-rate sensitivity to duration

The (Macaulay) duration of an asset is defined as the value-weighted timing of its cashflows:

dur(Pt) ≡
∞∑
k=1

Pkt
Pt

k, (A.9)

where the strip prices Pkt are defined above.

One can see from this expression that

lim
φ→1

εr(Pt) = dur(Pt), (A.10)

meaning that the duration is the same as the response to a permanent change in interest rates. Our empirical measure

of interest-rate sensitivity is derived from a first-order approximation of εr around the duration. To see this, note that,

to a first-order,

φk ≈ φdur(Pt) + φdur(Pt) logφ(k − dur(Pt)). (A.11)

Substituting this approximation back into the expression for εr gives

εr(Pt) =
1−

∑∞
k=1

Pkt
Pt
φk

1− φ
≈ 1− φdur(Pt)

1− φ
. (A.12)

Thus, high duration implies high interest-rate sensitivity.

A.3 Interest-rate sensitivity of wealth

Just as the rate sensitivity of an asset is the value-weighted average of the sensitivities of its strips, the rate sensitivity

of wealth is the value-weighted average of the sensitivities of its assets. Suppose a household has wealth

Wt =
∑
j

Ajt −
∑
k

Dkt. (A.13)
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In the case of positive net worth Wt > 0, it is clear that

εr(Wt) = −
∑
j

Ajt
Wt

∂ logAjt
∂rft

+
∑
k

Dkt

Wt

∂ logDkt

∂rft
(A.14)

=
∑
j

Ajt
Wt

εr(Ajt)−
∑
k

Dkt

Wt
εr(Dkt). (A.15)

The definition of rate sensitivity above applies only to positive-wealth households. This is not an issue in our

empirics, as we only include these households in our computations. Still, it is worth discussing how one would

measure rate sensitivity for a household with negative wealth. A simple generalization that handles this case is

εr(Wt) ≡ −∂Wt

∂rft

1

|Wt|
. (A.16)

For Wt > 0, one can see that this reverts to the original definition (by the chain rule). For a household with negative

networth,

εr(Wt) =
∑
j

Ajt
|Wt|

εr(Ajt)−
∑
k

Dkt

|Wt|
εr(Dkt). (A.17)

The absolute value in the denominator is necessary for getting the sign of the elasticity right. For example, suppose

a household has $100 of assets and $200 of debt, both with the same rate sensitivity (say, 2). If rates fall by 1%,

networth should fall by roughly $2, from −$100 to about −$102.33 In this case, (A.17) implies a rate sensitivity of

wealth of −2, reflecting the fact that a decline in rates has a negative effect on wealth.

B Data appendix

This appendix documents the measurement choices underlying our empirical interest-rate sensitivity estimates. It de-

tails how we construct cashflow durations for each SCF balance-sheet component—including private business wealth,

vehicles, and the full set of household liabilities—and how we translate these durations into interest-rate sensitivi-

ties. It also describes the construction of Social Security wealth sensitivity and presents complementary evidence for

European household portfolios.

B.1 Survey of Consumer Finances

Data on household portfolios come from the Survey of Consumer Finances (SCF). We construct networth as:

networth d = cash dep+ equity+ fixed inc+ real estate

+ bus+ vehic− mortgage dbt− vehic dbt− edu dbt− other dbt,

33Under a rate sensitivity of 2, assets will rise from $100 to $102 and debt will rise from $200 to $204.
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where each of the constituent variables are defined as:

– cash dep: value of cash deposits defined as liquid accounts (liq) which are the sum of all checking, savings,

and money market accounts, call accounts at brokerages, and prepaid cards, added to certificates of deposit

(cds).

– equity: value of all financial assets invested in stock, which include directly held stock, stock mutual funds,

and the portion of any combination mutual funds, annuities, trusts, IRA/Keogh accounts, and other retirement

accounts invested in stock.

– fixed inc: value of all other remaining financial assets (fixed inc = fin − cash dep − equity). The

largest component of this asset category is bonds held outright, in mutual funds, and in retirement accounts.

– real estate: value of the primary residence (houses) plus the value of other residential real estate (oresre)

and net equity in nonresidential real estate (nnresre).

– bus: reported market value of private business interest.

– vehic: prevailing retail value for all vehicles owned by household.

– mortgage dbt: housing debt from mortgages, home equity loans, and home equity lines of credit (mrthel)

plus debt for other residential property (resdbt).

– vehic dbt: debt from vehicle loans (veh inst)

– edu dbt: debt from student loans

– other dbt: other debt, including other lines of credit plus credit card balance (ccbal) plus installment loans

less education loans and vehicle loans (other dbt = othloc+ ccbal+ install− edn inst− veh inst).

In addition to portfolio data, we also use data on household wage income (wageinc) which we combine with data

on the number of people in the household and the Social Security wage index to create a per capita wage measure

that is comparable over time. We count married and widowed respondents as two-adult households and all others as

single-adult households.

B.2 Duration component calculations

B.2.1 Duration of equity

The duration of equity is obtained using annual estimates for the duration of the aggregate stock market from Green-

wald et al. (2023), Figure D2 of the September 2023 working paper version. These estimates are applied uniformly to

all individuals in the SCF by survey year.

To allow equity duration to vary across the wealth distribution, we apply a mean-preserving heterogeneity adjust-

ment analogous to the one described for private business wealth in Section B.2.4. We split households into six wealth
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groups g—bottom 50%, 50–90%, 90–99%, 99–99.9%, 99.9–99.99%, top 0.01%—and compute the equity-value-

weighted price-dividend ratio for each group using equity holdings and dividend income reported in the SCF. Specifi-

cally, letEg =
∑
i∈g Ei andDg =

∑
i∈gDi denote aggregate equity holdings and dividend income in wealth group g,

where both are deflated by the Social Security wage index. The group-level price-dividend ratio is meq
g = Eg/Dg ,

and the equity-weighted population average is m̄eq =
∑
g Egm

eq
g /
∑
g Eg . The mean-preserving adjustment factor

for group g is

αeqg =
meq
g

m̄eq
,

so that the adjusted equity duration for households in group g is dureqg = αeqg × dureq,agg, where dureq,agg is the

aggregate duration estimate from Greenwald et al. (2023). By construction,
∑
g Eg α

eq
g /
∑
g Eg = 1.

B.2.2 Duration of fixed income

Data on the Macaulay duration of government bonds, municipal bonds, corporate bonds, and mortgage backed securi-

ties come from Bloomberg where the series used are:

– US gov/credit: LUGCTRUU

– US Treasury: LUATTRUU

– Government-related: LD08TRUU

– US aggregate: LBUSTRUU

– Municipal bond: LMBTTR

– Corporate: LUACTRUU

– US MBS: LUMSTRUU

– Global aggregate: LEGATRUU

For holdings of US government bonds (govtbnd + gbmutf + savbnd), we use the market-value weighted average

Macaulay duration of the US gov/credit, US Treasury, and government-related bond categories. For holdings of tax-

free and municipal bonds (notxbnd+tfbmutf), mortgage-backed securities (mortbnd), corporate bonds (corpbnd),

and foreign bonds (forbnd), we use the Macaulay duration of municipal bonds, corporate bonds, US MBS, and the

global aggregate, respectively. For all other fixed income assets that we do not have duration measures for, we assign

5.64, which is the average fixed income wealth-weighted duration in the SCF assets for which we have data.

Similar to equity and private business, we also apply a mean-preserving heterogeneity adjustment to bond dura-

tions across wealth groups. For each of the same six wealth groups g, let Bg =
∑
i∈g Bi and Ig =

∑
i∈g Ii denote

aggregate bond holdings and interest income (both deflated by the Social Security wage index). The group-level price-

to-interest ratio is mbond
g = Bg/Ig , and the bond-weighted population average is m̄bond =

∑
g Bgm

bond
g /

∑
g Bg .

62



The mean-preserving adjustment factor for group g is

αbondg =
mbond
g

m̄bond
,

so that the adjusted bond duration for households in group g is durbondg = αbondg × durbond,agg, where durbond,agg is

the Bloomberg duration estimate for the relevant bond type. By construction,
∑
g Bg α

bond
g /

∑
g Bg = 1. This allows

bond duration to vary across the wealth distribution in proportion to valuation multiples implied by reported interest

income.

B.2.3 Duration of real estate

The duration of real estate is obtained using the annual estimates of the duration of aggregate real estate from

Greenwald et al. (2023), Figure D2 of the September 2023 working paper version. These estimates are applied uni-

formly to all individuals in the SCF by survey year.

B.2.4 Duration of private business wealth

The duration of private business wealth is computed for each household as the value of household businesses, bus,

divided by the annual cashflows from those equity holdings. However, the annual cashflows from those equity holdings

are not reported in the SCF, the major issue being that cashflows from private businesses partially contain implicit or

explicit labor income for the entrepreneur. As such, we must estimate or difference out this labor income. We do this

in four ways, depending on the household’s role in the business and what is reported.

1. For households whose main respondent has an active management role in either of the household’s potential

actively managed businesses, reports being self-employed, and reports not receiving a salary, we estimate their

predicted wage.

– The predicted wage is estimated via ordinary least squares on all SCF respondents j where the house-

hold’s wage income is the dependent variable, and the independent variables are a third-degree polyno-

mial in age interacted with dummies for each Race × Education × Gender group.

2. For households whose main respondent has an active management role in either of the household’s potential

actively managed businesses and reports being self-employed and receiving a salary or reports being employed

by someone else, we subtract the maximum of their predicted wage and reported wage from busefarminc.

3. We repeat steps 1) and 2) for spouses who have an active management role in either of the household’s potential

actively managed businesses.

4. All other households with positive private business wealth who do not meet the criteria for a wage subtraction

are given cashflows equal to busefarminc.
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We then aggregate bus and the estimated annual cashflows within each survey year and divide them to obtain an

annual time series of valuation ratios.

Next, to allow our aggregate estimates of private business duration to vary over the wealth distribution, we perform

a mean-preserving adjustment to these aggregate duration estimates. First, we split the population into different

networth groups defined by whether they are in the bottom 50%, 50–90%, 90–99%, 99–99.9%, 99.9–99.99% or the

top 0.01% of the wealth distribution. We then take the business wealth (bus) divided by total income from businesses

(busefarminc) for each household, and take the business wealth-weighted average for each networth group. Provided

that cashflows from equity are proportional to labor income, this provides a proxy for duration for each group. These

price-total income ratios are then divided by the business wealth-weighted average for the aggregate population to

obtain a mean-preserving adjustment which is applied to the annual aggregate private business duration estimates. The

duration is then given by

dur(Private Businessct) =

( ∑
t,i∈c Bus. Valueit∑
t,i∈c Bus. Incomeit

)
︸ ︷︷ ︸

Wealth-group-specific valuation multiple

×
( ∑

i Bus. Incomeit∑
i(Bus. Incomeit − Wagesit)

)
︸ ︷︷ ︸

Business-income-to-dividend conversion ratio

B.2.5 Duration of vehicles

The vehic category in the SCF contains detailed information on up to 4 automobiles, up to 2 non-automobile vehicles,

and an aggregation of additional automobiles and non-automobile vehicles owned by the household. For the primary

automobiles of the household, we attribute an expected lifetime of 8 years for 1989 and 12 years for 2019, linearly

interpolating in intermediate years. We calculate the time left on an automobile’s life as the model year plus the

expected age minus the survey year. We assume a fixed depreciation rate to 0 over the car’s remaining years, and

calculate the duration using (6). We attribute a duration of one to vehicles whose age exceeds their expected lifetime.

For the aggregation of additional automobiles owned, we attribute a duration equal to the average of the duration

of the first four automobiles owned by the household. For all non-automobile vehicles owned by the household, we

ascribe a duration of 6 years.

B.2.6 Defined benefit pension wealth

We add defined benefit (DB) pensions to the analysis in three steps: (1) computing the funded portion of aggregate DB

pension entitlements, (2) allocating these entitlements to individual SCF households, and (3) assigning the resulting

pension wealth to asset categories with corresponding interest-rate sensitivities.

First, we take aggregate DB pension entitlements from the Federal Reserve’s Distributional Financial Accounts

(DFA), which reports total DB pension net worth by wealth group: bottom 50%, 50–90%, 90–99%, 99–99.9%, and

top 0.1%. To isolate the funded portion, we compute a funding ratio from the Flow of Funds (Table L.117) as the ratio

of pension fund assets (series FL592000075.A) to total pension entitlements (series FL594190045.A) for each year
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from 1945 to 2024. We apply this funding ratio to the DFA entitlements within each wealth group:

Funded DBct = DFA DBct ×
Pension fund assetst
Pension entitlementst

,

where c denotes the wealth group. Including only the funded portion is consistent with Saez and Zucman (2016), who

also restrict attention to funded DB pension wealth in their analysis.

Second, we allocate these aggregate funded DB pension amounts to individual households in the Survey of Con-

sumer Finances (SCF) using a weighting scheme based on four factors. For each household, we construct an allocation

weight:

wit = accrualit × mortalityit × incomeit × 1[has DBit],

where:

• 1[has DBit] equals one if the respondent or spouse reports having a DB pension plan from a current or previous

job (dbplancj==1 or dbplant==1), and zero otherwise;

• accrualit is a predicted fraction of lifetime pension benefits already accrued, obtained from a regression of the

ratio of accrued Social Security benefits to total expected benefits on income centile, net worth centile, age, and

sex indicators, estimated on the subsample with age ≤ 65. For households over age 65 we set accrualit = 1;

for those under 20 we set it to 0. All other predicted values are capped between 0 and 1;

• mortalityit = min (1, ex,t/e65,t), where ex,t is remaining life expectancy at age x in year t from the Human

Mortality Database, computed separately by sex. This adjusts for the fact that younger households have longer

expected payout horizons;

• incomeit = min
(
max

(
wageincit/wageincct, 0

)
, 5
)
, where wageincct is the mean wage income within

wealth group c in year t. This captures the correlation between pension generosity and career earnings.

Within each wealth group c and year t, we allocate the aggregate funded DB pension amount proportionally based

on survey-weighted individual weights:

DBit =
wit∑

j∈c wjt · ωj
× Funded DBct,

where ωj denotes the SCF survey weight for household j.

Third, we allocate each household’s DB pension wealth to three asset categories—cash deposits, fixed income,

and equity—using the asset composition of private pension funds from Table L.117 of the Flow of Funds, which we

compute for each year. Specifically, cash deposits include checkable and time/savings deposits; fixed income includes

Treasury securities, agency securities, corporate and foreign bonds, and mortgages; and equity includes corporate

equities and mutual fund shares. Miscellaneous assets are excluded from the denominator.

These DB pension amounts are added to the corresponding categories in the household’s balance sheet. For

the purpose of computing interest-rate sensitivities, DB pension equity receives the aggregate stock market interest-
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rate sensitivity and DB pension fixed income receives the aggregate US bond interest-rate sensitivity, reflecting the

diversified nature of pension fund portfolios. The interest-rate sensitivity of the combined category (e.g., public equity)

is then a value-weighted average of the household’s direct holdings and the DB pension component.

B.2.7 Duration of debts

For the debt categories, mortgage dbt, vehic dbt, and other dbt, we break each up into their component loans

as described in the SCF extract and calculate the duration of each loan separately. For each loan, we assume a fixed

payment schedule, and thus its duration can be calculated using equation (6), where N is the maturity of the loan and

ynt is the riskfree spot rate at horizon n in year t.34

Under our fixed payment assumption, the only metric we need for each loan is its time remaining. Since different

loan component variables contain different amounts of information in the raw SCF, we calculate the time remaining

differently depending on the available information for each component loan group: primary component loans, aggre-

gated additional loans, and lines of credit. The primary component loans of each debt category contain information on

loan origination, balance, payments, and interest rates. For these loans, we calculate the number of years remaining on

the loan payments using the reported origination year, length of loan at origination, and survey year. For respondents

with a positive loan balance who have missing responses for loan length or a negative calculated time remaining, we

impute time remaining with balance (B), initial amount (L), interest rate (R), and year of origination (p) using the

equation

T =
log(Rp −B/L)− log(1−B/L)

logR
− p.

The aggregated additional loans group contains loan variables that capture an aggregation of loans that the respondents

hold in addition to the primary ones in each debt category. These loans include data on only loan balance and payments

(X). Using the average interest rates for primary loans in the same debt category, we calculate time remaining as

T = − log(1−B(R− 1)/X)

logR
.

The third group of component loans is the lines of credit. The line of credit variables contain information on loan

balance, typical payments, and interest rates. With these data points, we calculate time remaining according to the

same formula used for the aggregated additional loans group. Finally, there is an aggregated additional lines of credit

variable, which we assign a duration equal to the average of the duration of the other lines of credit.

We replace the duration of loans with a predicted time remaining under one year with a duration of one and give

the median duration to respondents with a positive loan amount but insufficient information to calculate time remaining

on the loan.

We also adjust student loan balances and duration to account for income-driven repayment (IDR) following

34For credit card balances—which do not have this information—we assign a duration of 1 year.
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Catherine and Yannelis (2021). Under IDR, borrowers pay 10% of earnings above 1.5 times the Social Security

wage index (scaled by 0.225) annually for up to 25 years. We discount these payments at the riskfree rate to obtain the

present value and corresponding cashflow duration.

Finally, since adjustable rate mortgages (ARMs) have no interest-rate exposure after they float, we treat them

differently. In particular, we cap their duration at 4—the average number of years until the interest rate begins to float

in the SCF. Approximately 12% of mortgages and 19% of investment property loans are adjustable rate in the data.

B.2.8 Interest-rate sensitivity of Social Security wealth

The interest-rate sensitivity of Social Security wealth comes from the methodology used in Catherine et al. (2025).

We generate their baseline risk-adjusted Social Security wealth under the net present value wealth concept and the

Treasury yield curve. We then generate Social Security wealth under an identical specification where the log forward

rate at horizon h in survey year t is given by f̃h,t = fh,t + φh0.01 where fh,t is the unshocked log forward rate and

φ is our calibrated persistence for the interest rate process shown in Table 1. This is the same thing as applying a

one-period shock of 0.01 to the log riskfree rate under the process in equation (3).

B.3 Evidence from Europe

This section presents the interest-rate sensitivity (IRS) of household portfolios in the European Union (EU) using data

from the Household Finance and Consumption Survey from the European Central Bank. We use all four available

waves (2010, 2014, 2017, and 2021) and include all participating countries. As with the SCF, we use all five multiply-

imputed datasets per wave.

To obtain the IRS of assets, we assume each asset held by EU households has the same IRS as those held by their

American counterparts. For the 2021 HFCS wave, we use 2019 US duration estimates, the most recent available. For

other financial assets (othfin) and voluntary pension and whole-life insurance holdings (pensions), which are

not broken down by asset type in the HFCS, we allocate 50% to equity and 50% to fixed income.

To obtain the IRS of debts, we follow the same procedure as in Appendix B.2.7, with two differences. First,

adjustable-rate mortgages are assigned a duration of one year (reflecting the typical annual reset frequency in European

mortgage markets, compared to four years in the US). Second, for other non-mortgage loans where individual duration

cannot be computed, we assign the household’s own value-weighted average duration across its mortgage and property

loans.

We winsorize the net worth duration at the 1st and 99th percentiles to reduce the influence of outliers. The results

are presented in Figure B.1. Just as in the US, the interest-rate sensitivity of household portfolios is increasing with

income and wealth and hump-shaped over the lifecycle.
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Figure B.1: Interest-rate sensitivity in the European Union

A. IRS by wage tercile B. IRS by wealth (40–45 y.o.)
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While the broad trends are similar, the relationship between income and wealth and interest-rate sensitivity is less

stark in the EU, particularly at the top of the distribution. A potential reason for this is illustrated by Figure B.2, which

shows that countries in the EU give more generous benefits to higher earners. Indeed, in the US, essentially no one

receives more than 60% of average income, whereas in the EU it is not uncommon for an individual to receive more

than 100% of the national average wage. This is what our model predicts: countries that replace more income for high

earners should have a flatter relationship between income, wealth, and interest-rate sensitivity.
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Figure B.2: Generosity of public pensions: US vs EU
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C Model derivations

C.1 Long-term bond returns

This section explains how the riskfree rate dynamics (3) imply the n-period bond returns (10). Since it has no inter-

mediate cashflows, the bond’s return from t to t+ 1 is

Rn,t+1 =
Pn−1,t+1

Pnt
≡ e−(n−1)yn−1,t+1

e−nynt
, (C.1)

where the yield ynt, under the expectations hypothesis, is given by

ynt ≡
1

n
log

(
1

Pnt

)
=

1

n

n∑
j=1

(Etrf,t+j−1 + µj). (C.2)

Moreover, note that (3) iterates backward to the expression

rf,t+j = (1− φj)r̄f + φjrft +

j∑
k=1

φj−kσrϵr,t+k. (C.3)

Substituting the riskfree rates (C.3) into the yield expression (C.2) and evaluating expectations implies

ynt = r̄f +
1

n

1− φn

1− φ
(rft − r̄f ) +

1

n

n∑
j=1

µj . (C.4)

Taking logs of (C.1) and substituting (C.4) into the yield then implies the log return

rn,t+1 = nynt − (n− 1)yn−1,t+1 (C.5)

= r̄f +
1− φn

1− φ
(rft − r̄f )−

1− φn−1

1− φ
(rf,t+1 − r̄f ) + µn (C.6)

= r̄f +
1− φn

1− φ
(rft − r̄f )−

φ− φn

1− φ
(rft − r̄f )−

1− φn−1

1− φ
σrϵr,t+1 + µn (C.7)

= rft + µn − 1− φn−1

1− φ
σrϵr,t+1, (C.8)

the stated expression (10).
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C.2 Stock returns

Let Dt denote the dividends of the market and Vt its value. We make two assumptions. First, expected log returns

equal the riskfree rate plus a constant risk premium:

Et[rs,t+1] = rft + µs. (C.9)

Second, since dividends are cointegrated with aggregate income, we follow Longstaff and Piazzesi (2004) and define

the log dividend-income ratio dlt ≡ log(Dt/Lt) by the autoregression

dlt+1 = (1− φd)dl + φddlt + ϵd,t+1, (C.10)

for some shock ϵd,t+1 with Et[ϵd,t+j ] = 0. This implies the log dividend growth rate

gD,t+1 = gt+1 +∆dlt+1 = λgrrf,t+1 + g1,t+1 − (1− φd)(dlt − dl) + ϵd,t+1. (C.11)

Next, we linearize the stock return under these assumptions. By definition, the return on the stock market is

Rs,t+1 =
Dt+1 + Vt+1

Vt
=
Dt+1

Dt

(
1 + Vt+1/Dt+1

Vt/Dt

)
. (C.12)

Now take logs and linearize to get the Campbell-Shiller decomposition. Letting gD,t+1 = log(Dt+1/Dt) and vdt =

log(Vt/Dt) represent the log of dividend growth and of the price-dividend ratio, respectively, we have

rs,t+1 ≈ gD,t+1 + κ0 + κ1vdt+1 − vdt, (C.13)

where the linearizing constants are

κ1 ≡ 1

1 + exp{−vd}
and κ0 ≡ − log κ1 − κ1vd, (C.14)

for vd = E[vdt]. Solving the linearized equation forward for the price-dividend ratio implies

vdt = gD,t+1 − rs,t+1 + κ0 + κ1vdt+1 = κ0 +

∞∑
j=0

κj1(gD,t+1+j − rs,t+1+j). (C.15)

which holds both in realization and in expectation.

We know the expected stock return Et[rs,t+1] by assumption. Using the linearization, the unexpected component

of the stock return equals

rs,t+1 − Et[rs,t+1] = gD,t+1 − Et[gD,t+1] + κ1(vdt+1 − Et[vdt+1]). (C.16)
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Because risk premia are constant, the unexpected change in the price-dividend ratio equals:

κ1(vdt+1 − Et[vdt+1]) =

∞∑
j=1

κj1(Et+1[gD,t+1+j ]− Et[gD,t+1+j ])−
∞∑
j=1

κj1(Et+1[rf,t+j ]− Et[rf,t+j ]), (C.17)

and hence

rs,t+1 − Et[rs,t+1] =

∞∑
j=0

κj1(Et+1[gD,t+1+j ]− Et[gD,t+1+j ])−
∞∑
j=1

κj1(Et+1[rf,t+j ]− Et[rf,t+j ]). (C.18)

Note first that

Et+1[rf,t+j ]− Et[rf,t+j ] = φj−1σrϵr,t+1, (C.19)

and therefore that
∞∑
j=1

κj1(Et+1[rf,t+1+j ]− Et[rf,t+1+j ]) =
κ1

1− κ1φ
σrϵr,t+1. (C.20)

Next, note that

Et+1[gD,t+1+j ]− Et[gD,t+1+j ] = λgr(Et+1[rf,t+1+j ]− Et[rf,t+1+j ]) + (Et+1[g1,t+1+j ]− Et[g1,t+1+j ])

− (1− φd)(Et+1[dlt+j ]− Et[dlt+j ]) + Ij=0ϵd,t+1. (C.21)

The riskfree rate component equals

λgr(Et+1[rf,t+1+j ]− Et[rf,t+1+j ]) = λgrφ
j(rf,t+1 − Et[rf,t+1]) = λgrφ

jσrϵr,t+1. (C.22)

Similarly,

Et+1[g1,t+1+j ]− Et[g1,t+1+j ] = φjg(g1,t+1 − Et[g1,t+1]) = φjgϵg,t+1, (C.23)

and

(1− φd)(Et+1[dlt+j ]− Et[dlt+j ]) = (1− φd)φ
j−1
d ϵd,t+1. (C.24)

Consequently,

∞∑
j=0

κj1(Et+1[gD,t+1+j ]− Et[gD,t+1+j ]) =
λgrσr
1− κ1φ

ϵr,t+1 +
1

1− κ1φg
ϵg,t+1 +

1− κ1
1− κ1φd

ϵd,t+1. (C.25)

Putting all of this together, the unexpected stock return equals

rs,t+1 − Et[rs,t+1] =
λgr − κ1
1− κ1φ

σrϵr,t+1 +
1

1− κ1φg
ϵg,t+1 +

1− κ1
1− κ1φd

ϵd,t+1. (C.26)

Substituting in the expected return, we have an expression for return.
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Finally, to get to the expression (13) in the main text, we assume that the shock ϵd can be decomposed such that

1− κ1
1− κ1φd

ϵd,t+1 = λdgϵg,t+1 + ϵs,t+1 (C.27)

where ϵg is the growth shock and ϵs is the market-specific shock. For the loading λsr on interest-rate shocks in (13),

we use the fact that, under this linearization, the interest-rate sensitivity of the stock equals

κ1
1− κ1φ

=
σns
σr

=
1− φns−1

1− φ
, (C.28)

where ns is the duration of the stock market. This implies

κ1 =
σns/σr

1 + φσns/σr
=

1− φns−1

1− φns
. (C.29)

We then use this value to compute the loading on the interest rate,

λsr =
κ1 − λgr
1− κ1φ

. (C.30)

Together, this gives the stock return (13).

C.3 Housing returns

To derive housing returns, we need to make assumptions about depreciation and maintenance of the housing stock, as

well as transaction costs from buying and selling housing. First, we assume that the housing stock depreciates each

period and owners offset this by investing a proportionate maintenance cost. Second, we assume that homeowners

incur proportionate transaction costs, representing the cost of moving. In the model, it is costless for agents to change

house size, and thus households move houses every period and pay this transaction cost each period.

These assumptions manifest themselves in the housing return, which equals

Rhi,t+1 =
Pnh−1,t+1

Pnht

Ph,t+1

Pht

P̃i,t+1

P̃it
, (C.31)

as follows. The bond component of the return accounts for the fact that the house depreciates over the period, so

its duration falls from nh to nh − 1, as would a long-term bond. The drift µh in (16) includes not only common

price appreciation, but also nets out the costs to the homeowner of transacting and of maintaining the property. The

investment in maintenance offsets the depreciation, and in doing so returns the bond portion of the house back to its

original duration nh for the new set of homebuyers. And finally, because the house is sold after this return is realized,

the idiosyncratic house price shock only accumulates over the one period, at which point the homeowner sells the

house and buys a new one at the regional price Pt.
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C.4 Private business valuation

Here we derive the valuation of private business at exit (39). Both in our model and in empirical measures of the

value of the business, the relevant valuation is under the discount rate and cashflow dynamics after the company

is sold. For discount rates, we assume that the business is sold to diversified investors—this will be the case, for

instance, if the company goes public. Because the new owners will be diversified, they will not demand compensation

for idiosyncratic risk, so the relevant risk premium will be the same as that of the market. Future cashflows Li

can follow a general process on which we impose only one fairly minor assumption: growth in the persistent part

of the idiosyncratic component of income is not predictable from current information. Formally, for all j ≥ 0,

Et[L̃i,t+1+j/L̃i,t+j ] = E[L̃i,t+1+j/L̃i,t+j ]. Note that this assumption allows for the possibility that the cashflow

growth dynamics could change after exit. The only purpose of this assumption is to simplify the model; it affects

fluctuations in valuation over time, but not the average level of valuations, as we will see from what follows.

Let Eit denote the present value of future earnings {Li,t+j}. Let eit and li,t+j denote logs of these variables

and elit ≡ eit − lit the current valuation ratio. In what follows, we will suppress i subscripts. Applying the same

Campbell-Shiller linearization as we did for the stock market in Appendix C.2, we have that the one-period log return

on the business is

re,t+1 ≈ gLi,t+1 + κE0 + κEelt+1 − elt, (C.32)

where

κE ≡ 1

1 + exp{−el}
and κE0 ≡ − log κE − κEel, (C.33)

and el ≡ E[elt] is the unconditional mean valuation ratio. Iterating forward and taking expectations, we have

elt = κE0 +

∞∑
j=0

κjE(Et[gl,t+1+j ]− Et[re,t+1+j ]), (C.34)

or, in deviations from the mean,

elt − el =
∞∑
j=0

κjE(Et[gl,t+1+j ]− ḡl)−
∞∑
j=0

κjE(Et[re,t+1+j ]− r̄e). (C.35)

Because the firm is sold to diversified investors, it has the same expected return as the stock market, so

Et[re,t+1+j ] = Et[rs,t+1+j ] = Et[rf,t+j ] + µs = (1− φj)r̄f + φjrft + µs. (C.36)

This implies
∞∑
j=0

κjE(Et[re,t+1+j ]− r̄e) =
1

1− κEφ
(rft − r̄f ). (C.37)

The cashflow growth component can be further divided into aggregate wage index growth and idiosyncratic growth.
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The aggregate growth component is

∞∑
j=0

κjE(Et[g1,t+1+j ]− ḡ1) +
λgr

1− κEφ
(rft − r̄f ) =

1

1− κEφg
(g1t − ḡ1) +

λgr
1− κEφ

(rft − r̄f ). (C.38)

And we have assumed that the idiosyncratic component is not predictable, so

∞∑
j=0

κjE(Et[gl̃,t+1+j ]− E[gl̃,t+1+j ]) = 0. (C.39)

Consequently,

elt = el +
1

1− κEφg
(g1t − ḡ1)−

1− λgr
1− κEφ

(rft − r̄f ). (C.40)

Taking the exponential of this and relabelling el as the parameter υ, we get the expression (39).

D Model calibration

D.1 Macroeconomic variables

D.1.1 Time series of riskfree interest rates

To obtain a time series of the short-term real interest rate, we use a methodology similar to that of Beeler and Campbell

(2012). Using the yield on the 10-year nominal Treasury bond y10 and annual inflation rate π from Global Financial

Data, we estimate the annual regression

y10,t − πt,t+1 = β0 + β1y10,t + β2πt−1,t + ϵt+1 (D.1)

on the post-war period. The fitted values are then taken as our estimate of the expected riskfree rate 10-years from

time t, f̂10,t. From this, equation (3) yields the time-t riskfree rate:

rft = φ−10(f̂10,t − (1− φ10)r̄f ). (D.2)

We use this methodology for two main reasons. First, by using long-term rates to back out short-term rates, we smooth

much of the short-term variation in measured short-term real rates that are potentially outside of our model. Second,

this methodology allows us to extend our real rate series further into the past, allowing for a longer simulation prior to

our period of interest. This procedure yields a time series of annual realizations of real rates {rft} and shocks {ϵrt}

from 1789 to 2020. The post-war time series of these rates are shown in Figure D.3.
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Figure D.3: Time series of riskfree rates, Post-war sample

-.0
4

-.0
2

0
.0

2
.0

4
.0

6
.0

8
.1

Lo
g 

in
te

re
st

 ra
te

1950 1960 1970 1980 1990 2000 2010 2020

Note: This figure presents the time series of short-term riskfree rates as estimated by equation (D.1) and transformed
by equation (D.2).

D.1.2 Economic growth and stock-market returns

We jointly estimate the dynamics of aggregate growth (7) and stock returns (13) via the simulated method of moments

(SMM). The parameter vector to be estimated is35

Θ ≡
[
ḡ φg µ−

g σg pR λgr µ−
s µ+

s σs

]
. (D.3)

We estimate the probability of a recession pR directly from the data as the frequency of NBER recessions. To identify

the remaining 8 parameters, we use the first four moments (i.e., mean, variance, skewness, and kurtosis) of log stock

returns and of log GDP growth, the autocorrelation of GDP growth, the correlation of stock returns and GDP growth,

and the correlation of riskfree rates with five-year moving average growth. We use the correlation between lagged

returns and GDP growth as a moment because stock markets are forward looking. This shows up in the data—as noted

in Catherine et al. (2024); Fama (1990); Schwert (1990)—by stock markets returns predicting future real activity more

strongly than they predict current real activity. The higher-order moments (skewness and kurtosis) are particularly

useful for identifying parameters of the normal mixtures. The correlation of rates with a moving average of the growth

rate, as opposed to the growth rate itself, provides identification for λgr by isolating the low-frequency covariance.

35Recall that λsr is given by (C.30) and that µ+
g sets pRµ−

g + (1 − pR)µ
+
g = 0, so these are implicitly estimated

here.
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The SMM procedure then estimates Θ as follows. Letting m(Θ) denote the vector of simulated moments implied

by the model and m̂ the corresponding vector of data moments, our estimated parameters minimize the squared

(percentage) errors:

Θ̂ = argmin
Θ

{(
m̂−m(Θ)

m̂

)⊤(
m̂−m(Θ)

m̂

)}
, (D.4)

where division of vectors is an element-wise operation. For the data moments, we use historical data from a number

of sources. We construct the growth series using per capita real GDP growth as a proxy for aggregate wage dynamics.

The primary data source is the Global Macro Database (GMD), from which we extract US real GDP per capita from

1900 to 2021. Stock-market return data cover 1871–2021 and come from Shiller. We use the log total return on the

S&P 500. Table 3 above reports the estimated parameters. Table D.1 reports the moments in the data and model.

Table D.1: Moments for estimation of growth and stock returns

Moment Description Data Model
E[rst] Mean stock return (1900-2021) 0.066 0.0666
σ(rst) Standard deviation of stock returns 0.187 0.188
Skew(rst) Skewness of stock returns -0.831 -0.892
Kurt(rst) Kurtosis of stock returns 3.61 3.5
E[gt] Mean wage growth (1960-2021) 0.0196 0.0196
σ(gt) Standard deviation of wage growth 0.0205 0.0209
Skew(gt) Skewness of wage growth -0.629 -0.676
Kurt(gt) Kurtosis of wage growth 3.42 3.34
Corr(gt, gt−1) Autocorrelation of wage growth 0.164 0.164
Corr(gt, rst) Contemporaneous correlation 0.541 0.56
Corr(rf,t, ḡ5,t) Risk-free rate and 5-year average growth 0.211 0.238
pR Recession probability 0.164 0.164

D.2 Idiosyncratic income process

Our calibration of the idiosyncratic income component of earnings follows Catherine (2022) closely, with two differ-

ences. In this study, the parameters of the income process are estimated by targeting moments of the distribution of

log earnings growth from 1978 to 2011, feeding the historical mean log earnings growth of each of these years into

the simulation. The targeted moments include the standard deviation of log earnings growth at the 1– and 5–year

horizons, and the skewness at the 1–, 3–, and 5–year horizons. These moments are computed using Social Security

administrative data and reported in Guvenen et al. (2014).

We estimate the process using the same procedure as Catherine (2022), described in detail in Appendix B.1 of

his study, with two differences. First, for years prior to 1978, we feed into the simulation the historical time series of

log changes in real per capita GDP growth, which we use to calibrate the process for economic growth as in Section

D.1. For the period 1978–2011, we feed into the simulation the historical mean log earnings growth rate reported in

Guvenen et al. (2014), but scale this variable such that it exhibits the same volatility over that period as per capita

GDP growth, which is roughly 1.5 times lower. Our goal is to obtain comparable variability in idiosyncratic income
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risk over the business cycle in the model and in the data, while leveraging the longer time span of the per capita GDP

growth series relative to the moments reported in Guvenen et al. (2014).

The second difference is that we account for the diversification arising from two earners in the typical American

household. As Guvenen et al. (2014) only report moments for individual earners, we proceed in two steps to estimate

the income process for a two-earner household. First, we estimate all parameters for a single-earner household by

targeting the moments reported in Guvenen et al. (2014). The estimated parameters are reported in the ‘Single’ row of

Table D.2 and are very close to those in Catherine (2022), except for the parameter λzg , which governs the relationship

between GDP growth and the skewness of idiosyncratic income shocks. This parameter is roughly 1.5 times larger

than in Catherine (2022), reflecting the fact that the GDP growth time series is itself about 1.5 times less volatile than

the mean log earnings growth series used in this study.

Second, we use the estimated parameters to generate new moments for two-earner households. To do so, we

simulate individuals using our estimated income process and randomly match them to create two-earner households.

We then compute new log income growth moments from these households, assuming that the highest earner in each

household receives 70% of the combined income. Finally, we rerun the estimation procedure targeting these new

moments. The estimated parameters are reported in the ‘Two earners’ row of Table D.2.

Table D.2: Estimated parameters: Idiosyncratic labor-income shocks

Transitory

Persistent shocks shocks

pz ρz µ−
z λzg σ−

z σ+
z σ−

η σ+
η

One earner .145 .971 -.085 6.542 .644 .012 .758 .097

Two earners .224 .993 -.026 5.219 .352 .059 .414 .124

This table reports parameter estimates for the idiosyncratic income process, conditional on the group-level aggregate
shock. The single-earner process is estimated as in Catherine (2022) by targeting the time-series of cross-sectional
moments of individual income log growth rates in the SSA administrative data from Guvenen et al. (2014). To
estimate the double-earner process, we first simulate data for couples using the single-earner process and recompute
the target moments using the sum of two incomes. We assume a 30% gap between the highest and lowest earner and
no assortative matching.

Figure D.4 presents the values and fit of targeted and simulated moments from the estimation of the idiosyncratic

labor income shocks. Panels on the left report targeted and simulated moments for single-earner households, where

targeted moments are from Guvenen et al. (2014). Panels on the right report targeted and simulated moments for

households with two earners.

78



Figure D.4: Fitness of idiosyncratic labor income risk model
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D.3 Income tax rates

Households pay income tax on labor income and Social Security benefits. In the model, households face the following

marginal tax rates:

Marginal Tax Rateit =



0.10 if L̃it < 0.18,

0.12 if 0.18 ≤ L̃it < 0.72,

0.22 if 0.72 ≤ L̃it < 1.54,

0.24 if 1.54 ≤ L̃it < 2.94,

0.32 if 2.94 ≤ L̃it < 3.73,

0.35 if 3.73 ≤ L̃it < 9.32,

0.37 if L̃it ≥ 9.32.

(D.5)

The bendpoints in this formula are the limits of the 2020 tax brackets divided by the wage index.

D.4 Entrepreneurs

We calibrate the private business income (37) and wealth (39) processes to data from the SCF. We need to calibrate the

deterministic component of income ℓE(ait), the initial volatility σEz0 and time-series volatility σEz of the permanent

component zit, the mean valuation ratio υ, and the probability of becoming an entrepreneur by age pE(ait). In the

SCF, we consider a household to be an entrepreneur if the main respondent actively manages a private business and

the household’s business and farm income exceeds its wage income. We restrict our sample to households before

retirement (i.e., aged 18 to 60).

We choose the mean log valuation ratio υ to match the average log aggregate valuation ratio:

υ = E

[
log

∑Nt
i=1Eit∑Nt

i=1(Lit − Lwage
it )

]
= 3.461, (D.6)

where Lwage
it is the predicted wage paid to the entrepreneur, as computed in the empirics. Recall that this aggregate

ratio was how we computed the duration and interest-rate sensitivity of private business in Section B, so this calibration

is consistent with those moments as well. To estimate the deterministic life-cycle profile of business income, we fit a

cubic polynomial in age to the moments

ℓE(ait) = E
[
log

Lit
L̄t

∣∣∣∣ait] , (D.7)

which implies an estimated profile

ℓE(ait) = −6.118 + 0.334× ait − 0.0545× a2it
10

+ 0.00256× a3it
100

. (D.8)
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To estimate the variances of zit, we use the fact that

var(zit|ait) = var
(
log

Lit
L̄t

∣∣∣∣ait) . (D.9)

Consequently, the time-series volatility can be computed from the change in variance of business income over the life

cycle,

σ2
Ez = var

(
log

Lit
L̄t

∣∣∣∣ait)− var
(
log

Lit
L̄t

∣∣∣∣ait − 1

)
, (D.10)

and the initial volatility can be computed as the level at the initial age, 20,

σ2
Ez0 = var

(
log

Lit
L̄t

∣∣∣∣ait = 20

)
. (D.11)

We estimate these by running a linear regression of the variances var(log(Eit/L̄t)|ait) on age ait, and find a constant

σ2
Ez0 = 2.283 and a slope σ2

Ez = 0.0607. Finally, we compute the entry probability pE(ait) as the change in the share

of households who are entrepreneurs from one age to the next.36 Specifically, we first compute the share of households

at each age ait who are entrepreneurs (call this sE(ait)), then fit a cubic polynomial to this share, and then take the

change in this fitted line as the entry probability, from the fact that

pE(ait) =
sE(ait)− sE(ait − 1)

1− sE(ait − 1)
. (D.12)

36We do not model exit, so the change in the share of entrepreneurs must all be attributed to entry in the model.

81



D.5 Model fit with entrepreneurs

Figure D.5: Wealth and portfolios over the life cycle
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Note: This figure reports wealth (Panel A), home ownership rates (Panel B), net debt (Panel C), wealth invested in
stocks (Panel D) and housing (Panel E) by age, in the model and in the data. Equity wealth, debt and wealth are
measured in units of the national wage index. Net debt is defined as housing wealth minus wealth.

Figure D.6: Equity holdings at age 40–45

A. By income level B. By wealth level
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Note: This figure reports the amount of wealth invested in stocks in the model and in the data, for households between
age 40 and 45, by level of income and wealth. Equity wealth, income and wealth are measured in units of the national
wage index.
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Figure D.7: Housing wealth at age 40–45

A. By income level B. By wealth level
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Note: This figure reports the amount of wealth invested in housing in the model and in the data, for households
between age 40 and 45, by level of income and wealth. Housing wealth, income and wealth are measured in units of
the national wage index.

Figure D.8: Interest-rate sensitivity in the cross-section

A. By age B. By income at age 40–45 C. By wealth at age 40–45
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Note: This figure reports the interest-rate sensitivity of wealth in the model and in the data. Panel A reports the
interest-rate sensitivity of wealth by age group. Panel B and C report it within households aged 40–45, by income and
wealth groups, respectively. Income and wealth are measured in units of the national wage index.
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Figure D.9: Interest-rate sensitivities for different measures of wealth

A. By age B. By income at age 40–45 C. By wealth at age 40–45
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Note: This figure reports the interest-rate sensitivity of wealth, wealth inclusive of Social Security,
and expected utility over the life cycle.

E Numerical appendix

This appendix section details how we solve the model numerically. To render the model solvable, we exploit two key

properties of the model that allow us to rescale the problem, eliminating state variables; and to transform the wealth

return, simplifying the portfolio choice problem.

E.1 Rescaling the model

We eliminate two state variables, the wage index L̄t and the house price Pht, by rescaling the problem as follows.

Henceforth, let Ẑt denote wage-indexed quantities Zt/L̄t for any variable Zt. The utility function equals

u(Cit, Hit) = L̄1−γ
t P

−ν(1−γ)
ht u(Ĉit, P̂htHit). (E.1)

From this, it follows (and we will prove) that there exists a function V̂ such that the value function equals37

Vit = V (L̄t, Pht,Wit, rft, g1t, zit, ait,AIYEit) = L̄1−γ
t P

−ν(1−γ)
ht V̂ (Ŵit, rft, g1t, zit, ait, ˆAIYEit), (E.2)

provided that the agent chooses the rescaled policies {Ĉit, P̂htHit} instead of {Cit, Hit}. Henceforth, we will use the

notation Ĥit ≡ P̂htHit to emphasize that this is a single choice variable.

37For simplicity, we will consider the case of a worker who never becomes an entrepreneur, and the same logic will
apply when we add entrepreneurship.
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Before proving the claim, note that all constraints can be rescaled accordingly. Wealth accumulates according to

Ŵi,t+1 =
L̄t
L̄t+1

(Ŵit + L̃it + B̂it − T̂it − Ĉit − χPnhtĤitI{πh,it=0} − cs)RWi,t+1, (E.3)

which is independent of L̄t and Pht. The minimum and maximum house size constraints are

PnhtĤit ≥ κmin and πh,it ≤ κmax. (E.4)

The scaled value of a private business Êit is also independent of L̄t. Thus, the constraints can all be written in terms

of controls {Ĉit, Ĥit} and without any dependence on L̄t and Pht.

We can now prove the claim by (backward) induction. First, consider the bequest (30). In the terminal period (i.e.,

b̄ periods after death), the claim is true, as

Vit = L̄1−γ
t P

−ν(1−γ)
ht max

{Ĉit,P̂htHit}
u(Ĉit, P̂htHit) = L̄1−γ

t P
−ν(1−γ)
ht V̂it. (E.5)

Now suppose that it is true at any time t+ 1 within the time span after death. This implies

Vit = max
{Cit,Hit,πit}

{
u(Cit, Hit) + βEt

[
L̄1−γ
t+1 P

−ν(1−γ)
h,t+1 V̂i,t+1

]}
(E.6)

= L̄1−γ
t P

−ν(1−γ)
ht max

{Ĉit,Ĥit,πit}

{
u(Ĉit, Ĥit) + βEt

[(
L̄t+1

L̄t

)1−γ (
Ph,t+1

Pht

)−ν(1−γ)

V̂i,t+1

]}
(E.7)

= L̄1−γ
t P

−ν(1−γ)
ht V̂it. (E.8)

The second equality changes the choice variables to {Ĉit, Ĥit, πit}, which is possible because the rescaled utility

function and budget constraints only feature these choice variables. The third equality follows from the fact that the

maximand has no dependence on L̄t and Pht. It follows that the initial bequest utility equals

b(L̄t, Pht,Wit, rft, g1t) = L̄1−γ
t P

−ν(1−γ)
ht b̂(Ŵit, rft, g1t). (E.9)

This proves the claim for the bequest.

The rest of the proof follows the same inductive reasoning. We know, upon death, the value function rescales

as claimed (since the value function is the bequest utility). Now, for the induction step, suppose the value function
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conditional on living to t+ 1 rescales as claimed. Then

Vit = max
{Cit,Hit,πit}

{
u(Cit, Hit) + βEt

[
L̄1−γ
t+1 P

−ν(1−γ)
h,t+1

(
(1−mit)V̂i,t+1 +mitb̂i,t+1

)]}
(E.10)

= L̄1−γ
t P

−ν(1−γ)
ht max

{Ĉit,Ĥit,πit}

{
u(Ĉit, Ĥit) (E.11)

+ βEt

[(
L̄t+1

L̄t

)1−γ (
Ph,t+1

Pht

)−ν(1−γ) (
(1−mit)V̂i,t+1 +mitb̂i,t+1

)]}
(E.12)

= L̄1−γ
t P

−ν(1−γ)
ht V̂it. (E.13)

The equalities follow identical reasoning as above. Most importantly, V̂it in the last equation is independent of L̄t and

Pht, proving the conjecture.

E.2 Transforming the portfolio problem

In choosing a portfolio, the agent must select optimal weights {πn,it, πs,it, πh,it} on the risky assets. Numerically,

this problem becomes intractable because all three assets are exposed to interest-rate shocks. We circumvent this

tractability problem by re-expressing the problem in terms of exposures to separate asset-market shocks: the agent

instead chooses {εr,it, πs,it, πh,it}, where εr,it is the interest-rate sensitivity of the total portfolio. This transformation

is also ideal because the long-term bond share πn is itself not that meaningful, as it arbitrarily depends on our choice

of the bond duration n; in contrast, εr is invariant to n.

To implement this change of choice variables, we need to rewrite the wealth return (36) in a way that replaces the

long-term bond share πn,it with the interest-rate sensitivity of the total portfolio εr,it. To do this, let us start from the

result of Appendix G.5 that, to a second order, the log wealth return (suppressing i subscripts) equals

rw,t+1 = rft + π⊤
t (rt+1 − rftι) +

1

2

(
π⊤
t diag(ΣΣ⊤)− π⊤

t ΣΣ
⊤πt

)
− (πh,t + πs,t − 1)+θ, (E.14)

where πt is the vector of portfolio weights, rt+1 is the vector of risky returns, ι is a vector of ones, ΣΣ⊤ is the

covariance matrix of returns with respect to the vector of shocks, and θ is shorthand for the mortgage premium.

To transform the wealth return, first note that we can rewrite the log return on any asset j ∈ {n, s, h} as

rj,t+1 = logRj,t+1 = rft + µj − σjrϵr,t+1 + σ⊤
j,−rϵ−r,t+1, (E.15)

where ϵ−r is defined as the (standardized) vector of shocks orthogonal to ϵr,

ϵ−r,t+1 ≡ [ϵg,t+1, ϵs,t+1, ϵh,t+1, ϵ̃h,t+1]
⊤, (E.16)

and σj,−r the corresponding vector of loadings. In this notation, the loadings on the rate shock are {σnr, σsr, σhr} =
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{σn, λsr, σnh}. Stacking these returns in vector form, we have

rt+1 = rftι+ µ− Σrϵr,t+1 +Σ−rϵ−r,t+1, (E.17)

meaning that the wealth return is

rw,t+1 = rft + π⊤
t (µ− Σrϵr,t+1 +Σ−rϵ−r,t+1) +

1

2

(
π⊤
t diag(ΣrΣ⊤

r ) + π⊤
t diag(Σ−rΣ

⊤
−r)

− π⊤
t ΣrΣ

⊤
r πt − π⊤

t Σ−rΣ
⊤
−rπt

)
− (πh,t + πs,t − 1)+θ. (E.18)

Next, let us substitute out πn,t using the fact that the interest-rate sensitivity of the portfolio equals

εr,t = π⊤
t Σr. (E.19)

Substituting this into the wealth return, we have

rw,t+1 = rft + π⊤
t µ− εr,tϵr,t+1 + π⊤

t Σ−rϵ−r,t+1 +
1

2

(
π⊤
t diag(ΣrΣ⊤

r ) + π⊤
t diag(Σ−rΣ

⊤
−r)

− ε2r,t − π⊤
t Σ−rΣ

⊤
−rπt

)
− (πh,t + πs,t − 1)+θ. (E.20)

Because the first row of Σ−r is zero (i.e., rn,t+1 has no loadings on ϵ−r,t+1), and because the first element of µ +

diag(ΣrΣ⊤
r )/2 equals zero (i.e., µn = −σ2

n/2), this rewritten wealth return has no dependence on πn,t. We have

completely replaced it with εr,t. Indeed, (E.20) can be written as

rw,t+1 = rft + π∗
t
⊤(µ∗

t − Σ∗
t ϵt+1) +

1

2

(
π∗
t
⊤diag(Σ∗

tΣ
∗
t
⊤)− π∗

t
⊤Σ∗

tΣ
∗
t
⊤π∗

t

)
− (πh,t + πs,t − 1)+θ (E.21)

where38

π∗
t ≡


1

πs

πh

 , µ∗
t ≡


−ε2r,t/2

µs + λ2sr/2

µh

 , and Σ∗
t ≡


−εr,t 0 0 0 0

0 λsg 1 0 0

0 0 0 σh σ̃h

 . (E.22)

This transformed expression then implies an equivalent expression for the wealth return:

RWi,t+1 = Rft + (e−ε
2
r,it/2−εr,itϵr,t+1 − 1)Rft + πs,it(e

rft+µs+λ
2
sr/2+λsgϵg,t+1+ϵs,t+1 −Rft)

+ πh,it(e
rft+µh+σhϵh,t+1+σ̃h ϵ̃hi,t+1 −Rft)− (πh,it + πs,it − 1)+(RMit −Rft) (E.23)

(To see this, simply apply the same second-order approximation to (E.23) as we did to get (E.14), and the result will

be (E.20)). Thus, the optimal allocation can equivalently be stated as a choice over {εr,t, πs,t, πh,t}, and these choices

38The third element of µ∗
t is µh + µnh + σ2

nh
/2 and we have substituted in µnh = −σ2

nh
/2.
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map to an optimal long-term bond allocation equal to

πn,t =
εr,t − πs,tλsr − πh,tσnh

σn
. (E.24)

This allocation is unique given the maturity n of the bond.

F Simulation of the overlapping-generations model

F.1 Aggregate shocks

The overlapping-generations (OLG) has 4 aggregate shocks that must be mapped to data: these are shocks to (1)

riskfree rates ϵr, wage growth ϵg , stock returns ϵs, and house prices ϵh. Shocks to the riskfree rate come from the

procedure outlined in Appendix D.1.1. This procedure also provides us with the level of real interest rates rf . The

series of wage income growth rates g are proxied by the rate of growth of per capita real GDP, just as in Appendix D.1.

We obtain g1 using the relation

g1t = gt − λrgrft. (F.1)

Stock returns come from the S&P500 and are added directly to the simulation after subtracting out the portion

driven by shocks to interest rates—which is akin to subtracting σnsϵr from the log stock return. This means that we

add both ϵg and ϵs into the simulation simultaneously. Similarly, aggregate house prices come from the Case-Shiller

index and are added after differencing out the portion of the capital gain attributable to interest rate shocks σnhϵr.

For the idiosyncratic portion of house price shocks, we assign each simulated individual a shock drawn from normal

distribution with variance σ̃2
h.

When not using data in the simulation, we randomly assign agents aggregate shocks from 50 randomly generated

time series. When computing top wealth shares, we do so within a group of shocks and then take the average top 10%

share among the 50 groups.

F.2 Inheritance and intergenerational income persistence

To model intergenerational income persistence, we assume a correlation between the levels of persistent income of

parents and their children at labor market entry. Specifically, we model initial persistent income as an AR(1) process:

zi,t0 = ρz0z
parenti
t0−30 + σz0ϵz0 , (F.2)

where zi,t0 denotes the child’s initial value of z upon entering the labor force, and zparenti
t0−30 is the corresponding value

for the parent 30 years earlier. We calibrate the parameters ρz0 and σz0 using two moment conditions. First, the

variance of zi,t0 must equal σ2
α, a parameter chosen to match the observed level of income inequality. Second, we set
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ρz0 to reproduce the empirical slope of the relationship between the child’s and the parent’s income ranks at age 30, as

documented in Chetty et al. (2014). Given the rest of our labor income process, these conditions imply ρz0 = 0.4564

and σz0 = 0.9787. Figure F.10 plots the child’s income rank against the parent’s income rank, providing the model

counterpart to Figure II in Chetty et al. (2014).

Figure F.10: Child income rank vs parent income rank in the model
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G Derivation of the linearized model

This section lays out the details of the linearization and analytical solutions presented in Section 4. The approach

follows that of Campbell and Viceira (2001), except that we add finite lives, intertemporal income, and multiple assets.

To fully understand the economics, we first solve for policies in the general case of recursive utility (i.e., disentangling

risk aversion and the EIS), then reduce to the time-additive case in the main text. For the remainder of this appendix

section, we will suppress i indices and state approximate (i.e., linearized) equalities as exact.

G.1 Linearized conditions

Suppose that there is no intertemporal income or housing, so the budget constraint (35) simplifies to39

Wt+1 = (Wt − Ct)RW,t+1. (G.1)

39It would be fine to assume rented housing, in which case consumption here represents total consumption of both
goods and housing. We abstract from this for simplicity.
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The first-order condition for a recursive-utility agent takes the familiar form

1 = Et

[
(β(1−mt))

θ

(
Ct+1

Ct

)−θ/ψ

Rθ−1
W,t+1Rj,t+1

]
, (G.2)

where β(1−mt) is mortality-adjusted patience, ψ is the EIS, θ = (1− γ)/(1− 1/ψ), and Rj ∈ {Rf , Rn, RW }. The

analytical solution follows from linearizing this budget constraint and first-order condition.

Let lowercase letters denote logs and the ∆ operator denote first differences. Scaling the budget constraint (G.1)

by financial wealth Wt, taking logs, and linearizing log (1− ect−wt) around ct − wt = log(1− β(1−mt)) implies

∆wt+1 = κw(mt) +

(
1− 1

ρc(mt)

)
(ct − wt) + rw,t+1, (G.3)

where ρc(mt) = β(1 − mt) and κw(mt) = log ρc(mt) + (1 − ρc(mt)) log (1− ρc(mt))/ρc(mt).40 (Notice that,

as mt → 1, ct → wt; agents who will die almost surely consume everything.) We can also get the linearized

approximation to the log wealth return

rw,t+1 = rft + πt(rn,t+1 − rft) +
1

2
πt(1− πt)vart(rn,t+1). (G.4)

This expression is a discretization of the exact continuous-time law of motion. Finally, log-linearize the Euler equation

(G.2) up to a second order:

0 = θ log(β(1−mt)) + Et
[
− θ

ψ
∆ct+1 + (θ − 1)rw,t+1 + rj,t+1

]
+

1

2
vart

(
− θ

ψ
∆ct+1 + (θ − 1)rw,t+1 + rj,t+1

)
. (G.5)

Substituting in rj = rn and then rj = rf and subtracting the two equations implies the risk premium on the

long-term bond

Et[rn,t+1 − rft] +
1

2
vart(rn,t+1) =

θ

ψ
covt(rn,t+1,∆ct+1) + (1− θ)covt(rn,t+1, rw,t+1). (G.6)

Using the decomposition

∆ct+1 = (ct+1 − wt+1)− (ct − wt) + ∆wt+1 (G.7)

and the expression for ∆wt+1 from the linearized budget constraint (G.3), we can rewrite

covt(rn,t+1,∆ct+1) = covt(rn,t+1, ct+1 − wt+1) + covt(rn,t+1, rw,t+1).

40In infinite-horizon models like that of Campbell and Viceira (2001), one typically chooses ρc = 1− exp{E[ct −
wt]}, which reduces to ρc = β for an EIS of 1. Here, to capture the effect of aging, we linearize instead around the
unit-EIS solution, which is exact in our model.
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Substituting this and the fact that

covt(rn,t+1, rw,t+1) = πtvart(rn,t+1) (G.8)

into (G.6) and using θ/ψ + 1− θ = γ implies the solution

πt =
1

γ

Et[rn,t+1 − rft] +
1
2vart(rn,t+1)

vart(rn,t+1)
− 1− 1/γ

1− ψ

covt(rn,t+1, ct+1 − wt+1)

vart(rn,t+1)
. (G.9)

As explained in the main text, the first term is the myopic risk-return portfolio; the second is intertemporal hedging of

interest-rate risk.

Another fact that will become useful is that the first-order condition (G.5) for wealth returns (rj = rw) simplifies

to

Et[∆ct+1] = ψ log(β(1−mt)) + ψEt [rw,t+1] +
1

2

θ

ψ
vart (∆ct+1 − ψrw,t+1) . (G.10)

Using fact (G.8) and the decomposition of ∆c from (G.7), the variance term can be rewritten as

vart (∆ct+1 − ψrw,t+1) = vart (ct+1 − wt+1 + (1− ψ)rw,t+1)

= vart (ct+1 − wt+1) + (1− ψ)2π2
t vart (rn,t+1)

+ (1− ψ)πtcovt (rn,t+1, ct+1 − wt+1) .

(G.11)

We will use these expressions to solve for the equilibrium consumption-wealth ratio.

G.2 Optimal policies in the linearized model

We will now solve for the optimal consumption and portfolio choices using the conditions derived above. Conjecture

that the optimal consumption-wealth ratio takes the form

ct − wt = log(1− β(1−mt)) + (1− ψ)(ϱ0t + ϱrtrft), (G.12)

for some functions ϱ0t = ϱ0({ms}s≥t) and ϱrt = ϱr({ms}s≥t) of the future mortality probabilities. Increasing utility

implies the boundary conditions limm→1(1− ψ)ϱ0(m) = 0 and limm→1 ϱr(m) = 0. This conjecture implies that

(1− ψ)−1covt(rn,t+1, ct+1 − wt+1) = ϱr,t+1covt(rn,t+1, rf,t+1)

= −ϱr,t+1σnσr.

Substituting this expression into (G.9), we obtain

πt =
1

γ

µn + 1
2σ

2
n

σ2
n

+

(
1− 1

γ

)
ϱr,t+1

σr
σn

= a0 + arϱr,t+1,
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which, combined with (10), is our expression for the optimal share in the n-period bond (42).

To solve for ϱ0 and ϱr, notice that substituting this solution for π into the expectation of our log-linearized wealth

return (G.4) implies

Et[rw,t+1] = rft + πtµn + πt(1− πt)σ
2
n

= rft +
(
a0µn + (a0 − a20)σ

2
n

)
+
(
arµn + (ar − 2a0ar)σ

2
n

)
ϱr,t+1 − a2rσ

2
nϱ

2
r,t+1

= rft + d0 + d1ϱr,t+1 − d2ϱ
2
r,t+1.

(G.13)

It also implies

vart (ct+1 − wt+1) = (1− ψ)2ϱ2r,t+1σ
2
r ,

(1− ψ)2π2
t vart (rn,t+1) = (1− ψ)2(a20 + 2a0arϱr,t+1 + a2rϱ

2
r,t+1)σ

2
n,

(1− ψ)πtcovt (rn,t+1, ct+1 − wt+1) = (1− ψ)2(a0 + arϱr,t+1)(−ϱr,t+1σnσr).

Substituting these three equations into (G.11), we have

vart (∆ct+1 − ψrw,t+1) = (1− ψ)2(g0 + g1ϱr,t+1 + g2ϱ
2
r,t+1) (G.14)

for constants gj . Finally, substituting our log-linearized budget constraint (G.3) into the decomposition (G.7) and

applying our conjecture (G.12), we have

Et[∆ct+1] = Et[ct+1 − wt+1]− ρc(mt)
−1(ct − wt) + κw(mt) + Et[rw,t+1]

= (1− ψ)(ϱ0,t+1 + ϱr,t+1((1− φ)r̄f + φrft))

− ρc(mt)
−1(1− ψ)(ϱ0t + ϱrtrft) + log ρc(mt) + log

1− ρc(mt+1)

1− ρc(mt)
+ Et[rw,t+1].

(G.15)

Substituting (G.14), (G.15), and (G.11) into the Euler equation for wealth returns (G.10), then collecting coefficients

on rft, implies the difference equation

φϱr,t+1 = ρc(mt)
−1ϱrt − 1.

Now iterate forward and use the boundary condition limt→∞ ϱrt = 0:

ϱrt = ρc(mt)(φϱr,t+1 + 1)

= ρc(mt) + φρc(mt)ρc(mt+1) + φ2ρc(mt)ρc(mt+1)ρc(mt+2) + . . .

= β(1−mt)

1 +

∞∑
j=1

φjβj
j∏

k=1

(1−mt+k)


=

∞∑
j=1

φj−1βjpt,t+j
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The lower are the probabilities of future survival pt,t+j , the less relevant are fluctuations in the interest rate to con-

sumption and portfolio choices. For reference, note that, for infinitely lived agents (mt = 0 for all t), this converges

to ϱr = ρc/(1− φρc), the result from Campbell and Viceira (2001).

Collecting the remaining constant terms implies a difference equation for ϱ0t:

ϱ0,t+1 = ρc(mt)
−1ϱ0t − q0t

for the deterministic constant

q0t ≡ ϱr,t+1(1− φ)r̄f + log ρc(mt) + (1− ψ)−1(log(1− ρc(mt+1))− log(1− ρc(mt)))

+ d0 + d1ϱr,t+1 − d2ϱ
2
r,t+1 +

1

2
(γ − 1)(g0 + g1ϱr,t+1 + g2ϱ

2
r,t+1).

We can similarly iterate this expression forward with terminal condition (1− ψ)ϱ0 → 0 to arrive at a solution:

ϱ0t = ρc(mt)(q0t + ϱ0,t+1)

= ρc(mt)q0t + ρc(mt)ρc(mt+1)q0,t+1 + ρc(mt)ρc(mt+1)ρc(mt+2)q0,t+2 + . . .

=

∞∑
j=1

βjpt,t+jq0,t+j−1.

Note that limm→1 ρ(m)q0t = 0, so ϱ0t is finite and converges to zero as m→ 1. This verifies the conjecture.

G.3 Adding labor income and Social Security

We now introduce a deterministic stream of labor income L and, in turn, Social Security taxes T and benefits B. The

present values of labor income (human capital) H and Social Security wealth S are as stated in the main text.

As we did with the wealth return above, let us linearize the returns on human capital and Social Security wealth

using a continuous-time approximation. For human capital, the log return is

rH,t+1 = rft + µHt +

tret−t∑
j=1

ωHjt

(
σj
σn

)
︸ ︷︷ ︸

πHt

(rn,t+1 − rft)

where

ωHjt =
pt,t+jPjtLt+j∑tret−t

j′=1 pt,t+j′Pj′tLt+j′
=
pt,t+jPjtLt+j

Ht

is the value weight of the jth labor-payment, and therefore πH is a value-weighted rate-sensitivity adjustment. More

specifically, πH represents the percent holdings of n-period bonds implicit in the human capital asset. To see this, note
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that the rate sensitivity implied by πH is

πHt
σn
σr

=

tret−t∑
j=1

ωHjt

(
σj
σr

)
=

tret−t∑
j=1

ωHjtεr(Pj,t+1) = εr(Ht+1).

In words, a portfolio with πH percent allocated to the n-period bond has the exact same interest-rate sensitivity as the

human capital asset.

Identical logic leads us to conclude that the log return on Social Security is

rS,t+1 = rft + µSt +

 ∞∑
j=1

ωSjt

(
σj
σn

)
︸ ︷︷ ︸

πSt

(rn,t+1 − rft),

where the value weights take the form

ωSjt = ωBjt − ωTjt =
pt,t+jPjt(Bt+j − Tt+j)

St
,

the difference between the benefits claim and the tax liability.

Now, as in the main text, define total wealth as

W t =Wt + (Lt +Ht) + (Bt − Tt + St). (G.16)

(Recall thatH and S do not include their contemporaneous “dividends,” so we must add them back in this expression.)

Grossing up at the rates of return on these assets implies

W t+1 = (Wt + Lt +Bt − Tt − Ct)RW,t+1 +HtRH,t+1 + StRS,t+1. (G.17)

Multiplying and dividing by W t − Ct, we have the dynamic budget constraint

W t+1 = (W t − Ct)RW,t+1.

where the return on total wealth is

RW,t+1 =

(
Wt + Lt +Bt − Tt − Ct

W t − Ct

)
RW,t+1 +

(
Ht

W t − Ct

)
RH,t+1 +

(
St

W t − Ct

)
RS,t+1

= αWtRW,t+1 + αHtRH,t+1 + αStRS,t+1,

and the return on financial wealth RW is as it was in the original problem.
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Using the same linearization technique as before, the log total-wealth return can be approximated as

rw,t+1 = rft + µ̄t + π̄t(rn,t+1 − rft) +
1

2
π̄t(1− π̄t)σ

2
n,

where

µ̄t = αHtµHt + αStµSt

is a value-weighted drift term from the intertemporal endowments, and

π̄t = αWtπt + αHtπ
H
t + αStπ

S
t (G.18)

is the value-weighted average of positions in the long-term bond—that is, the percentage of total wealth invested in

the bond. Other than the presence of µ̄, this budget constraint is identical in form to that of the problem with no labor

income or Social Security. Following the same steps from before, we conclude that

π̄t = π∗
t ,

where π∗
t is the optimal solution without intertemporal income. Substituting this into (G.18) and solving for πt, we

see that the optimal allocation to the asset from financial wealth is

πt = π∗
t +

(
Ht

Wt + Lt +Bt − Tt − Ct

)
(π∗
t − πHt ) +

(
St

Wt + Lt +Bt − Tt − Ct

)
(π∗
t − πSt ).

In the main text, we slightly simplify notation by redefining wealth Wt to include the contemporaneous income and

consumption flows (thus far, we have assumed that it excludes these components). Doing this gives us the final

expression (44).

G.4 Solution to the value function

This section solves for the value function under optimal policies in closed form. Under recursive preferences, the

transformed value function (53) is implicitly defined by the aggregator

Ut =

[
(1− β(1−mt))C

1−1/ψ
t + β(1−mt)Et

[
U1−γ
t+1

] 1−1/ψ
1−γ

] 1
1−1/ψ

.

By Euler’s Theorem,

Ut =
∂Ut
∂Ct

Ct + Et
[
∂Ut
∂Ut+1

Ut+1

]
,

where
∂Ut
∂Ct

= (1− β(1−mt))

(
Ut
Ct

)1/ψ
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and
∂Ut
∂Ut+1

= β(1−mt)U
1/ψ
t Et

[
U1−γ
t+1

] γ−1/ψ
1−γ

U−γ
t+1.

Noting that the stochastic discount factor

Mt+1 = β(1−mt)

(
Ct+1

Ct

)−1/ψ

 Ut+1

Et
[
U1−γ
t+1

]1/(1−γ)

−(γ−1/ψ)

,

and that
(∂Ut/∂Ut+1)(∂Ut+1/∂Ct+1)

∂Ut/∂Ct
=Mt+1,

we have that
Ut

∂Ut/∂Ct
= Ct + Et

[
Mt+1

Ut+1

∂Ut+1/∂Ct+1

]
.

Iterating this recursion forward yields

Ut
∂Ut/∂Ct

=

∞∑
j=0

Et [Mt,t+jCt+j ] =W t,

since total wealth is the present value of consumption. Substituting the expression for ∂Ut/∂Ct and noting that

consumption is at an optimum (Ct = C∗
t ), we get the solution (54).

G.5 Adding multiple assets

Consider the setting with J non-redundant risky assets in Section 4.3, summarized by (46) and (47). In this case, the

linearized wealth return becomes

rw,t+1 = rft + π⊤
t (rt+1 − rftι) +

1

2

(
π⊤
t diag(Σ⊤Σ)− π⊤

t Σ
⊤Σπt

)
.

The log-linearized Euler equations are the same for each asset j, so by the exact same logic, we have the vector of

optimal portfolio weights

π∗
t =

1

γ
(Σ⊤Σ)−1

(
Et[rt+1 − rftι] +

1

2
diag(Σ⊤Σ)

)
−
(
1− 1

γ

)
(Σ⊤Σ)−1 covt(rt+1, ct+1 − wt+1)

1− ψ
.

Also by the same logic, the consumption-wealth ratio ct − wt continues to take the same form, namely affine in rft.

Consequently, substituting in the expected log returns and the fact that

covt(rt+1, rf,t+1) = Σ⊤σr,
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we get the optimal portfolio rule π∗
t and the resulting interest-rate sensitivity of wealth ε∗r(Wt+1) stated in the main

text.

G.6 Optimal consumption plan in the limit

This section derives the optimal consumption-investment strategy in the limit as risk aversion γ approaches infinity

and the EIS ψ approaches zero. We first show that, in the limit as γ → ∞ and ψ → 0, the optimal consumption plan

is constant and financed by a perpetuity. We then prove that both of these conditions (i.e., both γ → ∞ and ψ → 0)

are necessary for this to be true—that is, it is insufficient to just have γ → ∞ and not ψ → 0 or vice versa.41

First, let us consider what happens when γ = 1/ψ → ∞. The first-order condition when γ = 1/ψ is

1 = Et

[
β(1−mt)

(
Ct+1

Ct

)−γ

Rj,t+1

]
. (G.19)

Conjecture that the optimal consumption policy is a deterministic constant Ct = C̄t. Substituting this conjecture into

the first-order condition implies the recursion

C̄t = (β(1−mt)Et[Rj,t+1])
−1/γ

C̄t+1. (G.20)

Now taking the limit as γ → ∞ implies that C̄t = C̄t+1 = C̄, meaning that consumption is indeed deterministic and

in fact time-invariant.

Next, we show that a constant consumption plan is financed by the optimal portfolio strategy π∗
t , and that

γ = 1/ψ → ∞ is necessary, not just sufficient.42 In order for the consumption plan to be constant, we need two

conditions to be satisfied. First, expected consumption growth must be invariant to the level of interest rates; and

second, unexpected consumption growth must be invariant to shocks to interest rates. That is, we require

dEt[∆ct+1]

drft
= 0 and

d(∆ct+1)

dϵr,t+1
= 0. (G.21)

Using the optimal policy for ct − wt, consumption growth is

∆ct+1 = ∆wt+1 + (1− ψ)(ϱ0,t+1 − ϱ0t) + (1− ψ)(ϱr,t+1rf,t+1 − ϱrtrft), (G.22)

with

∆wt+1 = κw(mt) +

(
1− 1

ρc(mt)

)
(ct − wt) + rw,t+1. (G.23)

41This result was first shown by Campbell and Viceira (2001) for an infinitely lived agent with no background assets.
An alternative (and closely related) proof can be found in their appendix.

42Because optimal policies {C∗
t , π

∗
t } were derived under linearized first-order conditions, this result will only be

exactly true under those conditions.
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The unexpected component of this is

∆ct+1 − Et[∆ct+1] = −πtσnϵr,t+1 + (1− ψ)ϱr,t+1σrϵr,t+1. (G.24)

Substituting in the optimal portfolio and differentiating, this implies

d(∆ct+1)

dϵr,t+1
=

(
1

γ
− ψ

)
ϱr,t+1σr. (G.25)

For expected consumption growth, differentiate (G.15) with respect to rft to see that

dEt[∆ct+1]

drft
= (1− ψ)(φϱr,t+1 − ρc(mt)

−1ϱrt) + 1. (G.26)

Recalling that

φϱr,t+1 = ρc(mt)
−1ϱrt − 1,

this simplifies to
dEt[∆ct+1]

drft
= ψ. (G.27)

The results then follow from (G.25) and (G.27). The consumption plan is invariant to interest rates if and only if ψ = 0

and γ = 1/ψ → ∞. Under these preferences, the trading strategy implemented by the portfolio rule π∗
t finances a

constant consumption plan (and hence replicates a buy-and-hold perpetuity). Moreover, the only way for a constant

consumption plan to be consistent with the optimal policies is to have both γ → ∞ and ψ → 0 simultaneously. They

are therefore both necessary and sufficient.
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